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Abstract 

With one in five youth in the United States (US) having a diagnosable mental illness in a 

given year and fewer than seven percent receiving needed treatment, a tremendous burden has 

been placed on the US economy and society.  Given the lack of connection between mental 

health service need, resource availability, and factors influencing receipt of treatment, this study 

aims to lay the groundwork, elucidating the complexity of mental health for youth using 

Anderson’s Behavioral Model of Service Use. Before further system modifications are made or 

policy revisions, there needs to be a full understanding of the problem. Utilizing the 2015 

National Survey on Drug Use and Health, factors that potentially influence reported mental 

health concerns and service utilization, such as age, gender, SES, geographic location, 

race/ethnicity, religion, and insurance status, were explored. The results showed that youth with 

the highest prevalence of MDE in 2015 were White, high SES, females, living in urban settings, 

with private insurance. However, higher prevalence of MDE did not equate with increased 

utilization of mental health services, even though MDE was the most significant predictor of 

mental health utilization in the final logistic regression model.  Given the barely adequate fit of 

the model, important variables are missing in determining access to mental health care in youth. 

Therefore, it is recommended that a more robust national mental health survey be developed to 

provide greater understanding of the associated factors to receipt of mental health treatment, in 

addition to more research to further understand the impact of insurance status and geographic 

location. 
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Access to Mental Health Treatment for Youth in the U.S.: 

Predisposing, Enabling, and Need Determinants 

Chapter 1. Introduction 

Mental illness is more common than cancer, diabetes, or heart disease (ASHA, 2015), 

and is the second leading cause of disability and premature mortality in developed countries 

(Coyle, Doherty, Matthews, & Sharry, 2011). United States (US) statistics show that one of 

every five young person in the general population will suffer from at least one mental disorder in 

a given year and mental health, beginning in youth, tends to persist into adulthood (Patel et al., 

2007). By 2020, The World Health Organization (WHO) has predicted that there will be an 

increase of at least 50 percent in childhood mental health disorders (Gonzalez, 2005). 

Childhood mental disorder means all diagnosable mental health disorders that begin in 

childhood, and changes the ways children typically learn, behave, or handle their emotions 

(CDC, 2014). Mental health conditions among children include attention-deficit/hyperactivity 

disorder (ADHD), disruptive behavioral disorders such as oppositional defiant disorder (ODD) 

and conduct disorder, autism spectrum disorders (ASDs), mood and anxiety disorders including 

depression, tic disorders, and substance use disorders ("Mental Health Surveillance Among 

Children — United States, 2005–2011," 2013). 

A report from the Centers for Disease Control and Prevention (CDC), found that millions 

of children aged three to 17 years live with mental health disorders, with 13 to 20 percent of US 

children experiencing a mental health disorder in a given year ("Mental Health Surveillance 

Among Children - United States, 2005–2011," 2013). Half of all lifetime cases of mental illness 

begin by age 14. Approximately 11 percent of adolescents have a depressive disorder and about 
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eight percent have an anxiety disorder, with symptoms emerging around age six ("Child and 

Adolescent Mental Health," n.d.). Forty percent of children with a diagnosable mental disorder 

have at least one other mental health diagnosis and children with mental health disorders are 

more likely to have chronic health conditions (e.g., asthma, diabetes, and epilepsy; "Mental 

Health Surveillance Among Children - United States, 2005–2011," 2013). These mental illnesses 

are also found to be associated with substance use, criminal behavior, and other risk-taking 

behaviors ("Mental Health Surveillance Among Children - United States, 2005–2011," 2013). 

Finally, these disorders can lead to suicide, which is the second leading cause of death among 

children aged 12 to 17 years. 

According to CDC’s National Health and Nutrition Examination Survey (NHANES), 

50.6 percent of children with a mental disorder received treatment ("Child and Adolescent 

Mental Health," n.d.). Out of the estimated 15 million children and adolescents who could be 

diagnosed with a mental health disorder in the US, a Surgeon General’s report estimated that 

only seven percent of youth who needed services received the appropriate help from mental 

health professionals ("Children's Mental Health," n.d.).  Others have reported that fewer than half 

of the youth with a mental health diagnosis receive the treatment they need (Goodheart, 2011; 

Coyle et al., 2011) 

Access to mental health treatment is an international public health concern (Patel, et al., 

2007; Cook et al., 2007; Carey & Spratt, 2009). There is an increased demand for mental health 

services and due to economic constraints; there are limited resources available to provide 

services. Multiple rationalizations are given for limited access to mental health treatment.  

Explanations include population growth, an increased awareness of mental health problems, and 
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an increase in case complexity (Patel et al., 2007; Silva et al., 2007). There has also been an 

overall increase in the prevalence rates of mental health disorders (Silva et al., 2007).   

Individual impacts. Mental illness can affect an individual’s thought process, perception 

of reality, emotions, and judgment, resulting in low self-esteem, poor concentration, poor 

organizational skills, and an inability to complete projects and make decisions (Coyle et al., 

2011). Youth with untreated mental health illnesses are at an increased risk of contracting 

HIV/AIDS, substance abuse, (Conway et al., 2016) pregnancy, suicide, and contact with the 

criminal justice system (Kislitsyna, 2010; Kohn et al., 2004; Rihmer et al., 2010). According to 

Purcell et al. “Mental illness in young people is all too often associated with ongoing disability, 

increased impaired social functioning, poor educational achievement, unemployment, substance 

abuse, and violence, leading to a cycle of dysfunction and disadvantage that is difficult to break” 

(2011, p. 74). 

Societal impacts. In the US, the yearly economic cost of mental illness is approximately 

$193 billion (Cartreine et al., 2010). This accounts for indirect costs including lost income, 

reduced productivity, and disability (Cartreine et al., 2010) and direct costs that include $2.3 

billion in private and public clinic expenses and $515 million in social welfare programs 

associated with mental health diagnoses (Stoddard & Krause, 2004). Mental health disorders 

account for four of the 10 leading causes of lost productivity (Cartreine et al., 2010). Research 

has shown that those with untreated mental illness are less productive than their coworkers, miss 

more days of work, and use more disability (Cartreine et al., 2010). If they are lower 

functioning, they may not be able to work at all, and end up supported by Supplemental Security 

Income (SSI) or welfare. 
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There is also the significant cost of incarceration on society. Approximately 70 percent 

of youth in the juvenile justice system have at least one mental health diagnosis (Glaze & James, 

2006). These individuals are a financial cost, but more importantly, society loses the benefit of 

their contributions. Untreated mental illness also costs the educational system, as there is a 

greater need for special education services and retention in schools for children with mental 

illness (Hsia & Belfer, 2008).  Adolescents with mental illness also have a high dropout rate, 

leading to a high probability that they will rely on public assistance in the future. In concert with 

all fiscal impacts, this places a significant burden on an already strained economic state.  

Purpose of the Study 

Given the lack of connection between mental health service need, resource availability, 

and factors influencing receipt of treatment, this study aims to lay the groundwork, elucidating 

the complexity of mental health for youth. Before further system modifications are made or 

policy revisions, there needs to be a full understanding of the problem. Utilizing the 2015 

National Survey on Drug Use and Health, factors that potentially influence reported mental 

health concerns and service utilization, such as age, gender, SES, geographic location, 

race/ethnicity, religion, and insurance status, will be explored. This study intends to clarify 

mental health need, service utilization, and barriers, by answering the following questions: 

Question 1: What is the prevalence rate of youth in the US reporting a MDE within the 

past year and how does the prevalence vary by different sociodemographic variables? 

Question 2: How many youth with a reported MDE receive treatment that they need? Are 

there factors that impact whether or not youth receive treatment? 
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Chapter 2. Theoretical Underpinnings: Behavioral Model of Service Use 

Model Development 

As part of his dissertation, Andersen developed the Behavioral Model of Service Use 

(BMSU; Andersen, 1995). It has gone through several iterations and modifications since its 

inception. Andersen’s goal was to develop a model to measure access to medical care. The 

focus of the first model was to “explain the use of formal personal health services rather than to 

focus on the important interactions that take place as people receive care, or health outcomes” 

(Andersen, 1995, p.1). The hope was that the framework would provide insight as to why people 

use health services, to define and measure equitable access, and to assist in developing policies 

to promote more equitable access (Andersen, 1995). 

In his 1995 article, Andersen noted five different developmental phases of the model.  

Phase 1 was in the 1960s, family was the primary unit of measure. Due to measurement 

challenges in the first phase, the focus was shifted to individuals.  In addition to creating a 

framework predicting and explaining service use, Andersen developed four access definitions: 

potential access, realized access, equitable access, and inequitable access. 

In the 1970s the model was modified by Researches at the Center for Health 

Administration Studies at the University of Chicago, explicitly adding the health care system and 

consumer satisfaction as an outcome indicator. The third phase of the model took place in the 

1980s providing the inclusion of personal health practices and the external environment that 

interact with health service use, and outcomes other than consumer satisfaction. This phase also 

included another definition of access, effective access. In the 1990s the fourth phase brought the 

addition of feedback loops, noting the impact of outcomes on initial model factors in future or 
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continued health service use (Andersen, 2008). The final model added in contextual factors,  

behaviors of providers, and quality of patient-provider communication (Andersen, 2008). 

Figure 1. Phase 5: A behavioral model of health services use including contextual and 

individual characteristics. 

Figure 1. Andersen, R.M. (2008). National health surveys and the behavioral model of health 

service use. Medical Care, 46(7), 647-653. 

Salient Factors 

The model that will be discussed is the fifth phase of the model, as shown above.  The four main 

components of the model are Contextual Characteristics, Individual Characteristics, Health 

Behaviors, and Outcomes. 

Contextual Characteristics. Items that fall into this category are measured at the 

aggregate level, from the family to policy, and not the individual level (Andersen, Davidson, & 

Baumeister, 2007; Andersen, 2008). The contextual characteristics incorporate community, 

organizational, and provider characteristics (Andersen et al., 2007). As indicated by the arrows 

in the model, these characteristics can directly influence, individual characteristics, and both 

directly and indirectly health behaviors and outcomes. Interactional effects are also involved in 

the three subcategories in this section of the model: predisposing, enabling, and need. 
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Predisposing contextual factors include community level demographics (i.e., age, gender, 

and marital status), social characteristics of the community (i.e., education level, ethnic/racial 

composition, proportion of recent immigrants, employment level, and crime rate), and beliefs of 

the community or organization (i.e., cultural norms and political perspectives around service 

use). 

Included in enabling contextual characteristics are health policy, financing, and 

organization (Andersen, Davidson, & Baumeister, 2007). Health policy ranges from local to 

national levels of government, as well as those in the private sector. Private sector examples 

include, the Joint Commission on Accreditation of Health Care Organizations (JCAHO) 

providing accreditation to health care agencies and the National Committee for Quality 

Assurance (NCQA) assessing quality of health care organizations (Andersen et al., 2007). 

Characteristics of financing include the number of community members who have health 

insurance, per capita community income, and expenditures for health services. The third 

enabling characteristic of organization refers to the number of providers and health services 

available in the community, as well as office hours and service locations.  

Contextual need involves environmental characteristics and population health indices. 

Physical environmental components (i.e., air, housing, and water quality) as well as death rates 

from homicides or vehicular injuries are measured to determine the impact an environment has 

on the population’s health. 

Individual Characteristics. The same as contextual characteristics, the three 

subcomponents of individual characteristics are predisposing, enabling, and need. The 

difference is that the individual is the level of measurement.  Incorporated in predisposing 

individual characteristics are demographic (i.e., age, gender), social factors (i.e., education, 
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occupation, and ethnicity), and health beliefs (i.e., attitudes, values, and knowledge about 

health). Individual enabling characteristics include finance (i.e., income and cost to consumer 

after insurance is accounted for) and organization (i.e., if an individual has a regular source of 

care, transportation, or wait time for care). The final subcomponent is individual need 

characteristics. This refers to the consumer’s perceived need for health care and factors that 

contribute to an individual seeking care and evaluated need, a provider determining need though 

screening tools or evaluating the consumer (Andersen et al., 2007). 

Health Behaviors. Personal health practices, process of medical care, and use of 

personal health services comprise this category. Diet, nutrition, exercise, among others is 

included under personal health practices. The process of medical care refers to provider-patient 

interactions and general provider processes (i.e., quality of provider-patient communication and 

provider test ordering). Andersen and colleagues consider the use of personal health services to 

be the most important component of health beliefs (2007).  This makes sense considering BMSU 

is a framework for access, with the main goal to have consumers seen for the care they need. 

Outcomes. Included in the final model component are perceived health, evaluated 

health, and consumer satisfaction. Activities of daily living and measures of disability are used 

to determine the ability of an individual to live a comfortable functional life, and are comprised 

in perceived health.  Health professionals determine evaluated health, involving diagnostic and 

prognostic measures. 

Access definitions. Although not included in the framework, through every phase of the 

model’s development, new access definitions were created. These are important to note when 

considering barriers to accessing mental health care for youth.  During the first phase of the 

model the following four access definitions were created: Potential access is “presence of 
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enabling resources. More enabling resources increases the likelihood that use will take place;” 

realized access defining the actual use of services; equitable access “occurring when 

demographic and need variables account for most of the variance in utilization;” and inequitable 

access “occurs when social structure, health beliefs, and enabling resources determine who gets 

medical care” (Andersen, 1995, p. 4). It was not until the fourth phase of the model that two 

other access definitions were added: effective access “established when utilization studies show 

that use improves health status or consumer satisfaction with services” and efficient access 

“shown when the level of health status or satisfaction increased relative to the amount of health 

care services consumed” (Andersen, 1995, p.6) 

Fit with Youth who Lack Access to Care 

The BMSU with Vulnerable Populations provides a good fit youth access to mental 

health care. According to this model, vulnerable populations “are those who are economically 

disadvantaged and whose social or health characteristics increase their risk and need for 

assistance” (Davidson, Andersen, Wyn, & Brown, 2004, p.24). Children and adolescents are part 

of a vulnerable population and this model includes mental health diagnoses. As a comprehensive 

model of care utilization, it outlines all the potential factors that could influence a youth entering 

care. The concept of mutability is also recognized in this model, which is “the extent to which a 

given component can actually be altered to influence the distribution of health services” 

(Andersen & Aday, 1978).  This is an important concept when considering access to care for 

youth, as there are components that cannot be changed, such as age or gender, thus having low 

mutability, policies, and programing that are considered highly mutable. Thus, showing where 

modifications could be made to improve access. 
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Strengths. This model is very detailed, identifying numerous factors from macro to 

micro that influence mental health service use by youth. It provides a comprehensive picture of 

all the variables that potentially influence an individual’s receipt of services, making it useful to 

the study of barriers to care. Designed as a path model, measurements of the different factors 

can be placed into the model and the statistical significance can be examined for different groups 

of study participants (Andersen & Aday, 1978; Andersen, 1995). This makes it easier for 

researchers or program managers to put the population’s information into the model and see 

where the different factors fall out, highlighting where the greatest potential is to improve access 

to mental health services for youth. It can also show factors that have a positive impact on youth 

receiving care. For example, one study found that natural social support and case management 

had a positive effect on mental health service use, while demographic variables had little impact 

on service use (Lemming & Calsyn, 2004). Another study found that individuals with a 

diagnosis of depression or anxiety were more likely to utilize services (Hochhausen, Le, & Perry, 

2011). 

As there is little money in child and adolescent mental health due to low reimbursement 

rates and continual funding cuts (Heflinger & Hinshaw, 2010), this model assists with targeted 

resource allocation, highlighting areas or programs that can be reduced or eliminated, and areas 

in need of promotion. This would assist with tailoring mental heath programing to the 

community and programing that has the greatest positive benefit with mental illnesses. 

Another strength of this model is that it has been used to examine the effects of 

race/ethnicity on mental health service use in adults. Race/ethnicity is a factor that has a 

significant impact on service utilization of youth (Kazdin, 2011; Purcell, et al., 2011) therefore; 

the model has a great deal of utility.  It also allows those analyzing the data to see where 
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different populations choose to have their mental health needs met.  It also can show any 

interactions with race/ethnicity that lead to service use.  For example, in a study conducted by 

Cho and colleagues (2014), they found the predisposing factors of age, gender, and education 

predicted higher odds of mental health service use in Latinos. Whereas for Asians the only 

predisposing factor that predicted odds of service use was ethnicity (Cho, Kim, & Velez-Ortiz, 

2014). 

In examining prevalence and correlates on the receipt of mental health treatment, it was 

found that after adjusting for perceived and evaluative need, that there were significant 

correlations between predisposing, enabling, and impeding factors on the receipt of care 

(Dhingra, Zack, Strine, Pearson, and Balluz, 2010). However, evaluated need also showed to 

have significant correlations. This contributes to understanding why youth and or their 

parents/caregivers would choose to seek and utilize mental health care.   

Limitations. Aside from the improvement of provider communication with their patients, 

this model does not address solutions for overcoming the innumerable contextual and individual 

barriers presented when accessing care.  While this model does indicate in contextual 

characteristics the impact of health policy, financing, and organizational factors, it provides no 

solutions. It merely indicates what factors contribute to the lack of access. 

When placed into a path analysis, it has been found that the factors examined do not 

explain the majority of the variance (Davidson et al., 2004; Porteous, Wyke, Hannaford, & Bond, 

2015; Schomerus et al., 2013). Therefore, although comprehensive, there are factors missing 

that may provide a better explanation as to why individuals do not achieve access to services.  It 

has also been argued that measures have not been fully conceptualized (Porteous et al., 2015). 
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As this model has not been applied to youth mental health, there could be an even greater gap in 

the level of variance able to be predicted in the model.  

As an explanatory framework, the BMSU does not address prevention efforts or quality 

of services received. It does not accurately estimate cost and efficiency of the health care system 

in responding to population needs. Finally, the model does not predict long-term health behavior, 

as its focus is on the initiation of treatment, not engagement, or adherence to treatment. These 

factors are all important to decreasing the prevalence of mental illness in youth. 
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Chapter 3. Review of the Literature 

Given the breadth of this dissertation, there are many important areas of the literature that 

need to be discussed. This section will provide context and understanding of how access has 

been previously defined, measured, and studied; the different factors that have been discussed in 

relation to access; and the theoretical underpinnings of this study. It also provides foundational 

information used in conceptualizing this study. 

Access to Care 

Recent History of Access. Access to mental health care has been a documented issue 

since 1975 when the National Institute of Mental Health (NIMH) required that all federally 

funded Community Mental Health Centers (CMHCs) evaluate their programs in terms of access 

to care (Pandiani et.al, 2002).  Subsequently, the Child and Adolescent Service System Program 

(CASSP) was developed in 1983 to help promote and create mental health care for children 

(Gould et al., 2009).  The goals of CASSP were to increase community-based care, access to 

care, resource distribution to service systems, collaboration among mental health organizations, 

and to evaluate programs and policies (Gould et al., 2009).  When this program was no longer 

sufficient, there became a need to reform the mental health care system in the early 1990s 

(Pandiani et al., 2002).  In 1991, the United Nations published a report stating that all children 

have the right to mental health treatment (Gould et al., 2009).  In 1992, the US federal 

government created a block grant program, Comprehensive Community Mental Health Services 

for Children and Their Families Program, with the goal of funding organizations that create and 

maintain systems of care (Gould et al., 2009). This block grant still exists today; however, in 

2002 the federal government made the funding contingent on utilization data reporting, as the 
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primary means of measuring access to child and adolescent mental health care (Pandiani et al., 

2002). 

Defining Access. Access to mental health care has and can be defined in many different 

ways. Access can focus on consumer satisfaction, geographic location of programs, economic 

factors, and how many people are treated and by whom (Pandiani, et al., 2002). Recently, access 

has been measured through evaluation of the treatment processes and outcome measures, 

providing important information about access to quality care. 

In a framework of access study conducted by Aday and Andersen (1974), multiple 

definitions and concepts of access were elucidated.  Although their work focused on medical 

care, the access definitions are analogous to those in the mental health literature. In their study, 

Aday and Andersen, explore the different ways access is contemplated.  The first access 

definition describes the connection of access to population characteristics such as, income, 

insurance, and attitudes towards healthcare. The second access concept cited is that of the 

service delivery system, such as the distribution and organization of the work force, and the 

facilities themselves.  Aday and Andersen state that access has become “synonymous with the 

availability of financial and health system resources in an area” (p. 209). 

Therefore, geography and socio-organizational factors influence accessibility.  Socio-

organizational factors include resource attributes, other than spatial attributes, such as the sex of 

the provider, sliding fee scale, and specialization (Aday & Andersen, 1974). Geographic factors 

include the time and distance one must travel to access a healthcare facility.  Aday and Andersen 

also highlight the importance of an individual’s willingness to access care. There may be social 

or cultural differences that exist in addition to an individual’s attitude that can affect their 

willingness to access care. Finally, Aday and Andersen argue the importance of thinking of 

14 



	

 

 

 

() L -

access in terms of service cost, availability, and “internal economy” (waiting time, and delays or 

interruption in services being provided). 

Measuring Access. Prevalence estimates of mental health disorders and service 

utilization rates have historically been used as access indicators. However, there is no way of 

identifying those in need of services who do not receive them.  “Knowing who did not receive 

care and the reasons why are equally or more important than describing the actual utilization 

patterns for those who do” (Harrison, et al., 2004, p.120) 

Therefore, a major limitation of the study of access is how access is measured.  Much of 

the literature emphasizes the same access barriers and disparities, but few actually measure 

access. One way access has been measured is through client satisfaction surveys.  While this is a 

beneficial way of measuring the perceived quality of care an individual receives, it is limited in 

its ability to measure if everyone who wanted the service was able to and potential barriers one 

might have faced in attempting to access services. 

A second way that researches have attempted to measure access is through utilization 

rates. This has been done in two ways. One method used is dividing the number of individuals 

who utilized a particular service by the total population in the community (Pandiani et al., 2002).  

!! !"#The second way uses the Probabilistic Population Estimator (�! �! = ) in place of the!!! !"#!! 

total community population (Pandiani et al., 2002). This allows the data to be broken up into 

subsets based on birth year and gender, where �! is the number of birthdays observed per year in 

a particular population. Utilization rates are useful in determining if individuals are using the 

services that are available to them in the community. Again, it only accounts for individuals who 

were able to access services, not those who may have attempted to access them. 
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According to the literature on child and adolescent mental health, there are not enough 

service providers available to meet the demand of children who need to be seen for mental health 

treatment.  Therefore, neither of these measures of access is useful in determining ways of 

measuring access.  Eventually a measure of improved access needs to be developed, but before 

that can be done, comprehensive research on mental health service need, resource availability, 

and factors impacting receipt of treatment needs to be conducted. 

Inequity in Access to Care. One of the contributing factors to the accessibility of mental 

health treatment in the US is the lack of equity. However, before there is equity, there must first 

be equality. Equality means that everyone has equal access to the same services, opportunities, 

and programs (Schement, 2001). Sameness is inferred with equality, giving everyone the same 

thing, but this only works if everyone starts from the same place. 

Equity, defined as providing additional funding or opportunities that make the services 

even or lift up economically disadvantaged and at-risk populations (i.e., funding to provide more 

programs and services for those in need; Schement, 2001). Equity in health care has been defined 

“as equal access to available care for equal need, equal utilization for equal need, equal quality 

care for all” (Whitehead, 1990, p.5). Szczepura (2004) identified the following three dimensions 

of equitable access 1) having equal access via appropriate information; 2) having access to 

services that are relevant, timely, and sensitive to the person’s needs; 3) being able to use the 

health services with ease, and having confidence that you will be treated with respect (p. 142). 

Equitable access is “care that does not vary in quality because of personal characteristics, such as 

gender, ethnicity, geographic location, and socio-economic status” (Szczepura, 2004, p.142). To 

help create a more equitable system, so that everyone has access to equal care, additional funding 
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is required to create programs and services for the disadvantaged.  Hernandez, Montana, & Clark 

(2010) offered a final definition, focusing on children’s health specifically.  

They defined Child Health Inequality as 

composed of observable and verifiable outcomes of health that are unequally 

distributed across child populations, threaten to compromise or erode the optimal 

development and well-being of children and adolescents, and result from 

biopsychosocial influences over the life course that are shaped by pervasive 

cultural values, economic structures, and political decisions mediated by adults. 

(p.291) 

The US does not have equity in mental health treatment; rather, it can be considered 

barely adequate, adequacy meaning the minimum necessary. There are multiple definitions for 

adequate care in mental health, with every study providing their own definition.  The lack of a 

consistent definition creates a problem with having a child receive adequate care. For example, 

one study defined minimally adequate care “as having either four or more visits with medication 

therapy or eight or more visits without medication” (Saloner, Carson, & LeCook, 2014, p.266). 

Whereas, another discussed adequate access as linked to the timeliness and the quality of 

services so that they best outcomes are able to be achieved (Szczepura, 2004). These are two 

very different definitions. While the first is arguably more measureable, it does not speak to the 

quality of the care received, merely the number of visits an individual receives.  The second 

definition, speaks to the quality, but is very nebulous in terms of measurement. 

In mental health care, there are arguably no equitable resources, because there is no 

equality. Socioeconomic status and insurance status are two key pieces that contribute to this 

problem, especially for underrepresented minority youth (Alegria et al., 2010). Individuals with 
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no insurance or with publically funded insurance have little to no access to mental health 

treatment. If they are able to obtain treatment, it is often of lower quality (Kazdin, 2011).  

Although the results were not statistically significant, one study found that “minority and 

uninsured youth were substantially less likely to receive adequate care and had shorter episodes 

of care” (Saloner et al., 2014, p274). Again, this is under the assumption that they are able to 

receive specialty mental health care. The majority of private providers, whether they are 

psychologists, social workers or psychiatrists do not accept Medicaid, Managed Care Medicaid, 

or Child Health Insurance Programs (CHIP), leaving CMHCs as the only place that these 

individuals are able to receive treatment. CMHCs often have long waiting lists and have high 

staff turnover rates. This leads to a lack of continuity and service provision. 

Racial/ethnic minority youth receive lower quality care than their White counterparts 

(IOM, 2002), if they are able to receive care, as they often do not have equitable access to 

services (Gonzalez, 2005). Goodheart (2011) and Kazdin (2011) both report that there are not 

enough mental health providers for children and adolescents, especially those that are of quality, 

and representative of the racial and cultural backgrounds of the individuals in the communities 

they serve (Cook, et al., 2007; Henshaw, et al., 2009).  The vast majority of mental health 

services provided can be described as barely adequate. One study reported that only 34% out of 

a sample of 1,688 adolescents with major depressive disorder received adequate mental health 

care in the past year, with Whites being 1.5 times more likely that non-Whites to receive 

adequate care (Alexandre, Younis, Martins, & Richard, 2010). 

Individual Characteristics Influencing Access to Care 

Gender. Gender is an important factor, as research shows there are differences in who 

seeks, receives, and remains in care. Female youth have less access to mental health care 

18 



 
	

  

 

 

 

 

 

 

 

 

 

(Saunders & Heflinger, 2004) and according to the CDC are 50 percent less likely to receive 

mental health services than males (NIMH, n.d.).  Girls are more likely to have depression and to 

disclose it to an adult (Thomas, Temple, Perez, & Rupp, 2011), while boys are more likely to 

have Attention Deficit Hyperactivity Disorder (ADHD), behavioral or conduct disorders, Autism 

Spectrum Disorder (ASD), anxiety, and Tourette’s (Perou et al., 2013). Boys are also more 

likely to die from suicide. 

Due to the differences in mental health identification, diagnoses, and service utilization 

between genders, it will be an important variable to analyze. Differences have also been found in 

service utilization by race/ethnicity (Thomas et al., 2011). Therefore, both demographic factors 

will be important to analyze. 

Race/Ethnicity.  Race is “the physical characteristics of a person: his or her skin color, 

facial features, hair texture, eye color, and shape” and ethnicity “is culture traits that they 

distinguish from those of other people, the traits may derive from factors such as use of common 

language, place of origin, sense of history, values, and traditions” (APA, 2003, p.9). Research 

has shown that there is a significant difference between mental health service utilization solely 

based on race/ethnicity. These differences are due to differences in where or from whom care is 

sought (Corrigan, 2004), language (Carpenter-Song et al., 2010), religion (McLaughlin, & 

Braun, 1998; Cheung & Snowden, 1990), and labeling of mental illness (Goldstone et al., 2008). 

Differences in prevalence rates of mental health diagnoses also differ according to race/ethnicity.  

According to data from the CDC, there is no difference in rates of mood, anxiety, and conduct 

disorders by race (NIMH, n.d.). However, Hispanic youth were found to have significantly 

lower rates of ADHD (Perou et al., 2013; NIMH, n.d.) and depression (Thomas et al., 2011) than 
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White youth. Anxiety and Tourette’s are also more common among White non-Hispanic youth 

than Black or Hispanic youth (Perou et al., 2013). 

Race/ethnicity will be an important factor to analyze in relation to access, as there is a 

significant amount of literature stating differences exist in the initiation of treatment (Saloner, 

Carson, LeCook, 2014), continuation of treatment, and satisfaction (Lyon et al., 2013).  It will 

also be interesting to see if it still plays a significant role when placed in a model with other 

factors, as some studies have shown that it does not (Lyons et al., 2013). SES is the most 

common factors to interact with race/ethnicity in relation to service use, as there is a high 

correlation between low SES and minority status (Bui & Takeuchi, 1992; Gonzalez, 2005). 

Culture. Enmeshed with race/ethnicity is culture and culture has a significant impact on 

whether an individual chooses to seek treatment for mental health concerns. According to the 

American Psychological Association (APA; 2003), culture is defined as “the shared learned 

behavior and ‘belief’ systems and value orientations that influence customs, norms, practices, 

and social institutions of a group of people” (p.8).  

An individual’s culture, race/ethnicity, and previous experiences with the health and 

mental health care systems, strongly influence willingness to access treatment for mental health. 

Corrigan (2004) found that the ethnic background of an individual impacts service utilization. 

However, the study conducted by Pescosolido and colleagues (2007) did not find that race 

influenced parent’s willingness to have their child receive mental health treatment. It has been 

reported that urban children of color are less likely to receive mental health treatment due to past 

negative experiences with mental health services (Gonzalez, 2005). For these general reasons 

and some more specific, parents of minority youth are also far less likely than Caucasian parents 

to seek advice from mental health professionals (McMiller & Weisz, 1996).  However, another 
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study found no difference by ethnicity on the likeliness of seeking health treatment, although 

only Euro-Americans viewed treatment positively (Turner, Jensen-Doss, Heffer, 2015). 

As a component of culture, religion plays a role in accessing mental health care.  Some 

cultures believe there are spiritual reasons for mental illness and prefer to see a clergy member 

instead of a mental health professional (Henshaw& Freedman-Doan, 2009).  Other racial and 

ethnic groups, especially African Americans, prefer informal and social contacts as opposed to 

professionals because there can be a “pervasive distrust of ‘helping institutions’” (Harrison et al., 

2004, p. 121) often due to internalized oppression (Gonzalez, 2005). 

Euro-Americans/Caucasian/White. In general, White individuals are used as the 

comparison group in studies, as they are considered the majority group and the most accepting of 

the Westernized view of mental health.  One qualitative study examined cultural differences 

surrounding mental health, discussing the perceptions of Caucasian individuals.  It was found 

that Euro-Americans readily accepted the biomedical model of mental illness, viewed 

medications as a necessary component of treatment, and sought and accepted the advice of 

mental health providers (Carpenter-Song et al., 2010). Euro-Americans feel that there is a strong 

stigma attached to having a mental illness and receiving mental health treatment, and therefore 

tend to isolate themselves (Carpenter-Song et al., 2010). 

African/African-American/Black. Due to the history of slavery and abuse inflicted upon 

this group of individuals, there is an inherent distrust of the mental health care system and 

providers. Therefore, the majority of African American’s will not seek mental health treatment 

(Nickerson, Helms, & Terrell, 1994) and parents report stigma more than any other racial/ethnic 

group (Turner et al., 2015). Generally, help is sought from informal sources such as family, 

friends, and members of the clergy (Carpenter-Song et al., 2010; McMiller & Weisz, 1996; 

21 



 
	

 

  

  

 

  

 

 

 

 

  

 

    

 

Taylor, Neighbors, & Broman, 1989). In one study, Black adolescents were afraid to seek 

mental health treatment because they were fearful that their family members would be offended 

that they did not seek support from them or that they would be a burden to their parents 

(Lindsey, Chambers, Pohle, Beall, & Lucksted, 2013).  Adolescents also feared what their peers 

and others in the community would say if they received mental health treatment (Lindsey et al., 

2013). Some African Americans believe that supernatural or demonic forces at play lead to 

mental illness (Carpenter-Song et al., 2010).  In addition, this group associates “laziness” as 

mental illness, providing further contribution to the unwillingness to endorse mental illness 

(Carpenter-Song et al., 2010).  

Asian and Pacific Islander. With a primary focus on the group versus the individual, 

there is the concern of upsetting the family’s harmony and balance, through being seen as 

different. The individual is seen as a reflection of the family and having a mental illness may 

bring shame onto the family (McLaughlin & Braun, 1998) thus, help seeking has far greater 

ramifications in this cultural group (Cheung & Snowden, 1990; Zane & Mak, 2003).  In addition, 

some Asian and Pacific Islander cultures have mystical beliefs about the cause of mental illness, 

with a lack of health being an unharmonious balance between hot and cold poles that control the 

body’s functions (McLaughlin & Braun, 1998). Due to the spiritual and collectivist nature of this 

culture, youth often do not discuss their emotional concerns with anyone, including their family.  

Mental illnesses are often somatically expressed and by the time they receive treatment, if they 

do, their pathology is more severe (Lin & Cheung, 1999). 

There is the idea that if an individual does not focus on their feelings or avoids them, they 

will go away (Cheung & Snowden, 1990), making this group the most likely to underutilize 

mental health treatment (Abe-Kim et al., 2007; Atkinson & Gim, 1989). Sin and colleagues 
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(2010) reported that South Asians specifically, had the lowest levels of service awareness. 

However, third-generation individuals utilized services more similarly to the general population 

than first or second-generation individuals, who utilized far less (Abe-Kim et al., 2007).  A 

higher level of acculturation was associated with service use in Chinese-, Japanese-, and Korean-

Americans (Atkinson & Gim, 1989). 

Individuals from India or Pakistan do not seek mental health treatment because it could 

decrease the likelihood of marriage for the individual or their family members (McLaughlin, & 

Braun, 1998). 

Latino. Similar to the African American culture, Latino’s prefer to deal with mental 

health in informal ways, especially since family is central in this cultural group (Carpenter-Song 

et al., 2010; Lugo, Steidel, & Contreras, 2003).  In addition, religion is another essential part of 

this culture. Mental illness is sometimes seen as a punishment from God or divine will, 

decreasing the likelihood that an individual would disclose (McLaughlin, & Braun, 1998). A 

national survey found that Latino children and adolescents in need of mental health care had 2.66 

greater odds of not receiving treatment than White children and adolescents (Kataoka, Zhang, & 

Wells, 2002). While individuals in this group may not seek psychotherapy interventions, they 

are more open and willing to seek psychotropic medications (Carpenter-Song et al., 2010). One 

study found that previous experience with the mental health system was also related to an 

increased willingness to seek mental health treatment (Mendoza, Masuda, & Swartout, 2015). 

Latino cultures also have different preferred terms for mental health issues. The primary 

term is nervious (nerves) referring to “a culturally based somatic expression of anxiety or other 

emotional distress, which is differentiated from more severe pathology (i.e., schizophrenia, 

psychotic disorder), referred to as locura (craziness) or fallo mental (metnal defect)” (Goldston 

23 



 
	

   

 

 

 

  

 

   

 

  

 

 

  

 

 

et al., 2008). When these terms are utilized, individuals feel more comfortable utilizing services, 

as it is more accepted in their culture, thus less stigmatizing (Carpenter-Song et al., 2010). In 

addition to the use of different labels, language is often a barrier in access to and the receipt of 

mental health care. 

Native American and Alaskan Native. It is the cultural belief of Native American 

adolescents that needed mental health treatment is embarrassing and stigmatizing, therefore they 

will not seek treatment even if they are feeling suicidal (Freedenthal & Stiffman, 2007). In part, 

this is due to intergenerational trauma experienced by Native Americans who were removed 

from their reservations and placed in boarding schools, unable to practice any of their traditions 

(Whitbeck, Adams, Hoyt, & Chen, 2004). It is their belief that mental illness is due to a lack of 

connection with nature and therefore the traditional methods from nature are the preferred 

treatments for mental health, not formal treatment (McLaughlin, & Braun, 1998; Novins, Beals, 

Moore, Spicer & Manson, 2004). In a study comparing Alaskan Natives and Caucasians, 

regardless of acculturation, natural remedies or seeking counsel from community elders was 

preferred for their mental illness (Stewart, Swift, Freitas-Murrell, & Whipple, 2013). 

Socioeconomic status.  SES is an important factor to analyze having multiple 

ramifications on receipt of mental health care such as, ability to pay for services, quality of 

services available, living conditions, and familial stress. Youth living in poverty have higher 

rates of ADHD, behavioral or conduct problems, depression, and anxiety (Perou et al., 2013).  

However, lower SES youth are less likely to receive services, even though they are most in need 

(Gembowski et al, 2002), leading to an inverse relationship between SES and mental health 

status (Robbins et al., 2008). 
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Youth living in poverty face the additional problems of transportation and their parent’s 

inability to take time off work to attend appointments. Transportation is a significant access 

barrier (Kazdin, 2011), as a family might not have a vehicle to bring their child to appointments, 

thus relying on others or the bus to get to appointments.  Affordable agencies may also be 

located outside of an accessible geographic area for families (Harrison et al., 2004).  This can 

place additional stress on already stressed families, decreasing the likelihood that a child will be 

able to attend appointments. Also, parents might not want to or be able to take time off from 

work. This is especially true racial and lower SES groups, as “urban parents if employed do not 

have the necessary flexibility to visit a mental health facility during working hours” (Gonzalez 

2005, p. 246). 

With the multiple interactions and effects that SES has on other factors and on the 

outcome of treatment access, this is an important variable to have in the study. It will be 

interesting to see how greatly this factor contributes to access as compared to other factors. It 

will also be interesting to see if the lower SES populations report more mental health need as 

suggested in the literature (Rowan, McAlpine, & Blewett, 2013). 

Insurance status.  Insurance status is arguably the greatest barrier to accessing needed 

mental health treatment, especially for the uninsured (Cook, et al., 2007; Gonzalez, 2005; 

Henshaw & Freedman-Doan, 2009; Kazdin, 2011; McGuire, & Miranda, 2008; Purcell et al., 

2011).  CMHCs are required to provide mental health treatment to children and families 

regardless of insurance status. However, families might not be aware of this law, especially 

since the uninsured are also less likely to bring their child in for medical care (DeRigne, 2010). 

Due to managed care, this is not only a barrier for them receiving treatment, but is also a barrier 

to organizations providing services, as they are not able to be reimbursed in the general fee-for-
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service structure (Weist et al., 2000). Insurance is also a barrier for those with insurance 

coverage. As managed care has increased, so have insurance barriers (Goodheart, 2011).  

Insurance plans often have little or no mental health coverage. If they do offer coverage, there 

are generally a limited number of visits covered each year and the copays can be high, and 

unaffordable for families. DeRigne (2010) reports, “even parents with high incomes can be 

confronted with unaffordable treatment costs” (p. 7). In addition, it has been found that children 

with publically funded insurance have fewer restrictions in number of visits and other limitations 

than those with private insurance (DeRigne, 2010; Rowan et al., 2013). 

There are inconsistent findings regarding access to mental health treatment and the 

increase of managed care. Some studies have shown that it reduces access (Goldman, 

McCulloch, & Sturm, 1998; Sanders & Heflinger, 2004) while others have shown that there is no 

association (Grembowski et al., 2002). Access to mental health care for children with Medicaid 

is consistently low (Sanders & Heflinger, 2004). Yet, others have found that individuals with 

public insurance policies have greater access than those with private policies (Rowan et al., 

2013). What does seem to be more universally endorsed is that those without insurance are more 

likely to have mental health problems (Rowan et al., 2013) and less likely to receive treatment 

(DeVoe, Wallace, Selph, Westfall, & Crocker, 2011; Kataoka, Zhang, & Wells, 2002). 

With the contradictory findings regarding the impact of insurance on mental health 

service utilization, this will be an essential variable to analyze. It will also be fascinating to see 

how it interacts with other variables in this study.  For example, studies have shown that 

insurance status can be influenced by race/ethnicity (Kataoka et al., 2002) and SES (DeVoe et 

al., 2011). 
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Geographic location.  Both urban and rural youth face significant stressors in their 

environment, negatively affecting their mental wellness (Weist et al., 2000). However, the 

stressors faced by each of these groups are different. For example, urban youth face higher 

levels of violence, crime, and familial conflict, while rural youth face domestic violence and 

parental stress due to unemployment (Weist et al., 2000). Due to stressors and a lack of health 

and mental health services in urban schools, urban youth were found to have higher levels of 

internalizing behaviors. However, other studies have found that mental illness is more prevalent 

rural youth than urban (Correll, Cantrell, & Dalton, 2011).  In addition, both of groups face 

financial and knowledge barriers, decreasing their utilization of mental health services. 

Contextual Characteristics Influencing Access to Care 

Organizational.  All of the individual characteristics previously discussed affect an 

individual’s arrival at a mental health clinic, if they are able to attend (Henshaw & Freedman-

Doan, 2009). Therefore, mental health organizations need to develop strategies to decrease these 

barriers, increasing access to care.  For youth who are able to receive care, this might not be from 

their preferred provider.  With the increase of managed care in mental health, multiple 

professionals provide mental health care. The majority of professionals currently providing 

mental health care are Clinical Psychologists (PsyD), Masters of Social Worker (MSW), and 

Master’s level Psychologists and Counselors (Henshaw, et al., 2009).  In addition to this shift, 

providers who practice in CMHCs are generally of lesser quality, combining with other 

significant barrier to access: socioeconomic status (SES) and race (Kazdin, 2011; Surgeon 

General’s Report, 2000).  Garland and colleagues (2004) report that SES, lack of insurance 

coverage, race, ethnicity, and culture, are all predictors of lack of service use. 
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Organizational factors such as wait time for first appointment, hours of operation, and 

scheduling challenges affects utilization because parents/caregivers’ might not be able to bring 

their children in for needed mental health treatment (Harrison et al., 2004).  Attempting to get 

and schedule the first mental health appointment is a challenge in most regions of the country, 

but more significant for families living in rural populations where there are less resources 

(Boydell et al., 2006). Wait time can range from a month or two, to a year or two.  Having to 

wait a long time for a first appointment increases the likelihood it will be missed, as wait time 

deters family from connecting with services (Sherman, Barnum, Buhman-Wiggs, & Nyberg, 

2009). Wait time also presents a problem with continued treatment. If there are long delays 

between appointments, once they are connected, it can impede progress and sometimes lead to 

deterioration (Adnanes & Steihaug, 2013). Another organizational challenge is that 

appointments are offered during the daytime, which can present challenges for parents taking 

time off work and removing their child from school (Attride-Stirling, Davis, Farrell, Groark, & 

Day, 2004). 

Stigma.  Stigma is a social construct, noted as far back as the ancient Greeks. Individuals 

from socially undesirable groups (i.e., traitors, slaves, or criminals) would be branded or 

physically marked to shame them and allow members of society to avoid them in public 

(Goffman, 1963). Today, while individuals are not physically marked, we use cues, prejudice, 

stereotypes, and discrimination, to stigmatize those who are different. Stigma related to mental 

health is believed to be made up of “three related problems: 1) A lack of knowledge (ignorance 

& misinformation); 2) negative attitudes (prejudice); 3) excluding or avoiding behaviors 

(discrimination)” (Thornicroft, 2008, p.14). Corrigan (2004) in agreement with this definition, 

separated it into two types of stigma, specifically related to health, public- and self-stigma. 
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Public stigma is “what a naïve public does to the stigmatized group when they endorse the 

prejudice about that group,” and self-stigma is “what members of a stigmatized group may do to 

themselves if they internalize the public stigma” (Corrigan, 2004, p.616). Others include 

courtesy stigma and double stigma. Courtesy stigma meaning, being related to or associated with 

someone who is stigmatized (Goffman, 1963) and double stigma “discrimination based on 

minority group status and the burden of having to live with a mental disorder” (Gary, 2005, p. 

981). 

Universally, mental health and mental illness are highly stigmatizing words, thus 

stigmatizing those with those labels or who seek mental health treatment, especially those whose 

illness presentation is more abnormal. These individuals are also feared and seen as dangerous, 

even though there is no correlation between most mental illnesses and violence. It was thought in 

Westernized cultures and Euro-American cultures, it was believed that the medicalization of 

mental illness would reduce stigma, however it seems to have had the opposite effect. It is 

hypothesized that framing mental illness as a medical concern exacerbates stigmatization 

because genetic concerns are seen as something that an individuals are unable to recover from 

(Corrigan, 2004). Stigma is considered one of the chief barriers to individuals receiving the 

mental health care that they need, thus one of the factors contributing to increased mental illness. 

Stigmatization of mental illness not only impacts those with a diagnosis and their relatives, but 

also to those who provide mental health care reflected in low reimbursement rates, and 

researchers and the allocation of funding (Heflinger & Hinshaw, 2010).  Having significant 

implications for those with mental illness and society as a whole. 

Youth perspective. There is a limited research on youth’s perspectives of mental health 

stigma and its subsequent impact on mental health service use.  In a study with eighth grade 
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students, 34.6 percent reported moderate to high levels of stigma, around the receipt of mental 

health services, with the primary fear of feeling Too embarrassed by what other kids would say 

(59.1%; Chandra & Minkovitz, 2006).  One third of the students reported that they would not be 

willing to use mental health services because they would feel embarrassed by what their peers 

would think or worried their parents would not be okay with it. Consistent with findings from 

other studies the level of stigma around mental health was higher for boys than girls (Chandra & 

Minkovitz, 2006; Gonzalez, 2005). 

Interviews were conducted with the same group of students. When asked how they 

thought their parents would react if they asked them about receiving mental health care, over half 

thought their parents would be angry or deny that they had any mental health issue (Chandra & 

Minkovitz, 2007). They also believed that their parents would not allow them to receive 

treatment; both genders believing this to be truer for boys than girls.  When asked about peers, 

the majority of participants thought that there would be a negative reaction or that they would be 

considered an outcast if they received mental health services (Chandra & Minkovitz, 2007).  

They believed they would be made fun of or avoided by their peers.  The youth also reported that 

they viewed people who used mental health services as weak and at fault for their mental illness. 

Policy.  In the past few years, significant policy changes have been made, aimed at 

increasing access to care and the provision of quality of care.  The two most influential are the 

expansion of the Federal Mental Health Parity and Addiction Equity Act of 2008 (MHPAEA) 

and the Patient Protection and Affordable Care Act (commonly known as the ACA). The 

MHPAEA requires that mental health benefits be delivered in the same way as medical benefits 

are, providing an insurance policy has mental health benefits (Beronio, Glied, & Frank, 2014).  
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Therefore, individuals could no longer be charged more for behavioral heath care through 

insurance riders, higher copays, or deductibles (Ali, Teich, Woodward, & Han, 2014). 

Alone, the MHPAEA did not make a significant impact on improving access, however it 

has with the addition of the ACA.  Passed in 2010 and taking effect in 2014, the ACA increased 

the number of individuals insured in the US. It did so by increasing eligibility for Medicaid by 

expanding the coverage rate to include adults living below 138% of the Federal Policy level and 

increased the availability of private insurance through state marketplace exchanges (Beronio et 

al., 2014). In addition, as part of the ACA, mental health coverage became one of 10 essential 

health benefits (Frank et al., 2014). 

Although these two Acts have reportedly increased the ability for more individuals to 

receive mental health treatment, they are not without limitations. While the MHPAEA requires 

that mental health services are covered on par with medical services, individuals with private 

group insurance plans that do not include mental health coverage, are not required to follow this 

law or provide coverage for mental health services (Beronio et al., 2014); thus leaving a sector of 

the population without mental health coverage. The same is true for the ACA. While the ACA 

requires that Medicare and Medicaid provide mental health service coverage, at parity, not all 

states have expanded their Medicaid coverage. In June of 2012, the Supreme Court ruled that 

states could opt out of Medicaid expansion.  As of January 2017, 19 states have chosen not to 

participate and 32 are participating (Kaiser Family Foundation, 2017).  In a study conducted by 

Jones and colleagues (2015), states that had chosen not to expand their Medicaid coverage were 

predominately in the south and rural, where there is a heightened need for mental health care and 

a lower number of accredited facilities.  
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Research Questions and Hypotheses 

Question 1: What is the prevalence rate of youth in the US reporting a MDE within the 

past year and how does the prevalence vary by different sociodemographic variables? 

Hypothesis 1.1: The prevalence rate of will be consistent with the reported 

National average of 11 percent ("Mental Health Surveillance Among Children-

United States, 2005–2011," 2013). 

Hypothesis 1.2: There will be a higher prevalence rate of youth reporting a MDE 

who receive mental health treatment. 

Hypothesis 1.3: There will be a difference in youth reporting a MDE by gender, 

age, race/ethnicity, religiosity, insurance status, SES, and geographic location. 

Question 2: How many youth with a reported MDE receive treatment that they need? 

Are there factors that impact whether or not youth receive treatment? 

Hypothesis 2.1: There are very few youth, approximately five percent, who 

receive the mental health care they need. 

Hypothesis 2.2: There will be a difference in receipt of mental health treatment by 

predisposing factors of age, gender, race/ethnicity, religiosity, and SES 

Hypothesis 2.3: There will be a difference in receipt of mental health treatment by 

the enabling factors of SES, insurance status, and geographic location (urban vs. 

rural). 

Hypothesis 2.4: There will be a difference in the receipt of mental health 

treatment by need factors, reported MDE. 
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Hypothesis 2.5: The combination of predisposing, enabling, and need 

characteristics will contribute to a significant proportion of the variance 

associated with the receipt of mental health treatment. 
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Chapter 4. Methodology 

The aim of this study is to illuminate the burden of mental health in US youth and 

characteristics that predispose or inhibit them from receiving mental health treatment. This 

chapter will begin by rationalizing the choice in survey and the research approach.  Sampling and 

data collection procedures used for the survey will then be discussed, including information from 

the dataset. Finally, the choice in analytic methods and variable creation will be described in the 

context of the primary research questions. 

Rationale for Approach 

Given the scope of the research questions and the significant cost associated with the 

magnitude of data collection, a secondary data analysis using data from a cross-sectional national 

survey, the 2015 National Survey on Drug Use and Health (NSDUH) was the most feasible. The 

NSDUH is conducted by the Research Triangle Institute (RTI) International and is funded by the 

Substance Abuse and Mental Health Service Administration (SAMHSA), an agency within the 

US Department of Health and Human Services. Datasets for the survey are available for public 

use, with the only requirement for use that SAMHSA is provided with the citation if an article is 

published using one of their datasets. Given that these datasets are available for public use, 

variables were modified or eliminated from the original dataset to protect the privacy and 

confidentiality of participants. Therefore, there was no need to receive IRB approval for the 

study. 

Data Collection Methods 

The NSDUH is an annual survey that has been conducted since 1979, formerly known as 

the National Household Survey on Drug Abuse (NSDUH-2015).  The primary purpose of the 

survey is to obtaining information on the prevalence of drug use in members of the US, 12 and 

34 



 
	

  

 

 

 

 

 

 

 

  

 

   

over (CBHSQ, 2016).  Over the years, several changes have been to the sampling methodology, 

survey questions, and mode of delivery. Initially, the surveys were completed in-person at the 

participant’s home. They are still completed at the person’s home, but they are now done using 

computer-assisted personal interviews (CAPI) and audio computer-assisted self-interviews. 

Participants who complete the survey are given $30. 

The survey asks questions about illicit drug, alcohol, and tobacco use, and mental health 

and service utilization in the population [see Appendix A for contents of the 2015 NSDUH 

survey].  To allow for the application of mental health diagnostic criteria, the Diagnostic and 

Statistical Manual (DSM-IV) guided question generation. In addition, contextual information is 

gathered on each participant, such as age, gender, income, insurance, health status, household 

composition, military status, marriage, and education.  

Population and Sample 

The population targeted for this survey is non-institutionalized US civilians, ages 12 and 

older, from all 50 states and the District of Columbia. For 2014 through 2017, the sample was 

obtained using an individual, five-stage area probability sampling design (CBHSQ, 2016). 

Stages of stratification. As discussed in the “2015 National Survey on Drug Use and 

Health: Methodological Summary and Definitions”, the coordinated sample consisted of, five 

levels of stratification and the sampling frame was based on the 2010 census. The first level of 

stratification was at the state level. For 2015, there were five state sample size groups (see Table 

1). Beginning in 2014 the number of participants in the larger states was increased to improve 

the accuracy of national estimates because it better reflected the population size in each state. 

Each state was then divided into state sampling regions (SSRs). These regions were formed 
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based on population density and geography, separating the US into 750 regions (see Table 1 for 

number of SSRs per state). 

In the second-stage of stratification SSRs were divided by census tracts.  These census 

tracts were stratified by ensuring a minimum number of dwelling units (DU), in addition to being 

proportional to the population.  Therefore, SES and percentage of population that was Non-

Hispanic and White modified the formation of the final census tracts. In the end, there were 48 

census tracts per SSR. 

In the third-stage of stratification, one census block group was selected from each census 

track, creating segments. In 2015, eight segments per SSS were used, with four of them being 

sampled from twice in 2014 and 2015, to create the 50 percent overlap for trending analyses. In 

the fourth-stage, all addresses within each segment were put into a list and examined for 

eligibility. To accurately determine mental health and drug use in the youth and young adult 

populations, they were oversampled in for the survey. Therefore, the targeted sample sizes were 

also taken into account in the creation of the sample units. Once the sample units were 

determined, letters were sent to the different units, informing them of the study and interviewers 

visit [see Appendix C for informational fliers]. During the visit, individuals were randomly 

selected using an automated screening procedure. The selection of the individual is the fifth-

stage of stratification. Through this process, 99,499 participants were selected, with 68,073 

respondents, leading to a response rate of 68.4 percent. 
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Table 1. Target number of Completed interviews, Number of State Sampling Regions, and 

Number of Dwelling Units in 2015 NSDUH, by State 

Target # of Number of Number of 

State Completed Interviews SSRs DUs 

Urban Rural 

California 4,560 36 250 200 

Florida 3,300 30 250 200 

New York 3,300 30 250 200 

Texas 3,300 30 250 200 

Illinois 2,400 24 250 200 

Michigan 2,400 24 250 200 

Ohio 2,400 24 250 200 

Pennsylvania 2,400 24 250 200 

Georgia 1,500 15 250 200 

New Jersey 1,500 15 250 200 

North Carolina 1,500 15 250 200 

Virginia 1,500 15 250 200 

Hawaii 967 12 150 100 

Remaining States, Each 960 12 150 100 

Note: Table modified from SAMHSA’s Center for Behavioral Health Statistics and Quality, 

National Survey on Drug Use and Health, 2013-2017 

Confidentiality. Through the many years that this study has been conducted, efforts 

have continually been made in increase the privacy and confidentiality of participants. No 
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names were ever collected with data, and the respondents were continually informed about their 

confidentiality, both in writing and orally. Interviewers always asked to conduct the interview in 

a private space in the dwelling, away from other family members (CBHSQ, 2016b).  Interviews 

were conducted using two different methods. For some questions, participants were asked the 

questions by the interviewer, but put their responses in a computer as opposed to responding to 

the interviewer. Participants were also given complete privacy for some of the questions. Being 

given headphones, youth could choose to have the questions read to them by the computer or by 

reading the questions themselves, imputing their answers on the computer (CBHSQ, 2016b).  

The computer only section involved sensitive questions, therefore increasing participant’s 

confidentiality. 

Missing data and weights. Given the sensitivity of some of the questions asked, length 

of the survey, and uncertainty with some of the questions, there is missing data. In the 2015 

survey, for the mental health service utilization question in 12 to 17 year olds, the percentage of 

missing data ranged from 0.7 to 1.5 percent (CBHSQ, 2016b). This percentage was higher when 

asked about major depressive episode (MDE) in the past year and lifetime, ranging from 1.6 to 

2.3 percent (CBHSQ, 2016b). For some variables, imputations were done to account for and 

replace missing variables. For variables that were not imputed, missing variables are excluded or 

assumed to be a negative response. The mental health variables were not imputed; therefore, any 

respondents with missing responses are excluded from the analyses (CBHSQ, 2016a). 

To offset the potential impacts of missing variables and increase confidence that survey 

responses are unbiased and representative of the entire population, the use of sampling weights 

was recommended for all analyses. For the public file, the sampling weights are different from 

the original dataset, due to elimination and imputations of variables. Three different analysis 
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weights were created, person level, questionnaire dwelling unit level, and person pair level. 

Given the type of analyses for this study, the person level analysis weighting was applied. The 

person level weights consist of 16 weight components, accounting for the different stages of 

selection, non-response, or extreme weights.  Through the application of the weights, the sample 

can then be considered representative of the target population. 

Strengths and limitations. Great lengths are taken to ensure that the sample accurately 

represents the population in the US, allowing for generalizability.  With the inclusion of 

computer-assisted interviewing procedures, participants are able to respond in a private and 

confidential way. This reduces the potential for social desirability bias, given the sensitive 

questions asked about substance use and mental health.  It also eliminates the potential for 

interviewer bias, since it is a computer; all participants are asked the questions in the same way. 

One of the limitations is that it is a self-report measure, relaying on participant’s honesty 

and accuracy of memory (recall bias).  Misinformation could result in under or over reporting of 

information. Participants may also choose to skip questions, especially on sensitive topics, 

increasing the potential for inaccurate findings with missing variables or skewing results if there 

are similarities in participants who choose not to answer versus answer. There are additional 

limitations in the public use files, as certain questions are removed and variables recoded, to 

improve participant confidentiality.  However, this creates some restrictions in the ability to 

examine all components of the population.  It is also cross sectional, not longitudinal. Therefore, 

individual patterns of behavior cannot be tracked over time, only point prevalence of particular 

behaviors. Finally, the way in which the sample is obtained and interviews given create some 

limitations. The sample is obtained from noninstitutionalized, civilian population. Therefore, 

active military members, those in institutional treatment centers (i.e., prisons, hospitalized, 
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residential treatment facilities), or homeless, are not included. This could make a significant 

difference in understanding the full scope of mental health in the entire population. In addition, 

this survey is only given in two languages English and Spanish.  This could have an impact on 

responses to the mental health questions, as non-Westernized cultures have different views on 

mental health and treatment utilization.  

Research Questions and Analyses 

SAS procedures (SAS version 9.4, SAS Institute, Cary, NC) were used for data analyses. 

This software package was selected because it has the capability to work with large datasets and 

complete complex statistical analyses. In addition, all analyses were performed with significance 

set at p < .05. 

As a first step, descriptive statistics will be computed for all relevant variables. This will 

include frequencies, means, and standard deviations, as appropriate. Measures of association, 

chi-squared, will be run to determine if any variables have strong relationships. 

Question 1: What is the prevalence rate of youth in the US reporting a MDE within the 

past year and how does the prevalence vary by different sociodemographic variables? 

Prevalence rates are used as a measure of disease occurrence or frequency within the population 

(Porta, 2008). The goal of determining prevalence in this study was to illuminate the burden of 

mental illness in youth.  However, aside from asking participants endorsing the receipt of 

treatment due to emotional problems and general reasons why (i.e., anger, fighting with parents, 

trouble with school, etc.) the NSDUH does not obtain information about specific diagnoses, 

other than depression. Due to this limitation, only the prevalence of depression in youth was 

able to be obtained and will be the only diagnosis used to identify those with a mental heath 

need. 
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One of the NSDUH modules is Youth Depression, asking age appropriate questions to 

determine if youth have experienced a major depressive episode (MDE) in their lifetime or past 

year (CBHSQ, 2016b) First, to determine if a youth met DSM-IV diagnostic criteria for 

depression, nine symptom indicator questions were asked. If a youth reported experiencing five 

out of the nine symptoms, they were identified as having experienced MDE in their lifetime. To 

determine if youth had experienced a MDE in the past year, the lifetime MDE variable was used 

in conjunction with another asking “In the past 12 months, did you have a period of time where 

you felt [FEEL NOUN] for two weeks or longer while also having some of the other problems 

we asked about?” If a youth was coded as ‘no’ for a lifetime MDE, or if the were ‘yes’ for 

lifetime MDE, but ‘no’ for the past 12 months, they were coded as not having experienced a 

MDE in the past year. 

To determine the prevalence rate of MDE in 2015, the variable indicating the experience 

of MDE in the past year was used. Youth who reported that they had experienced an MDE were 

the numerator and the entire youth population was used as the denominator. To provide more 

context, prevalence rates of youth reporting a MDE in the past year, within the DV and 

covariates were calculated. Before putting this variable into the logistic regression model, it was 

recoded to create a 0,1 dichotomous variable, where ‘0’ indicated no MDE in the past year and 

‘1’ indicated that the youth had experienced a MDE in the past year. 

Question 2: How many youth with a reported MDE receive treatment that they need? 

Are there factors that influence whether or not they receive treatment? 

To answer these question univariate, bivariate, odds ratios, and multiple logistic 

regression modeling will be used.  
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Logistic regression. Multiple logistic regression, as opposed to a linear regression 

model, was chosen for this analysis as it allows for multiple independent variables on different 

measurement scales to be analyzed against a binary dependent variable (Hosmer & Lemeshow, 

2000). From this analysis, any relationship between the independent variables (aka covariates) 

and the dependent variable is revealed, allowing for the construction of the best fitting, 

parsimonious, and clinically plausible model to explain the data. Due to the context of this study, 

having a model that its has clinical and theoretical meaning is vital.  

An important component of logistic regression modeling is odds ratios (ORs), assisting 

with the interpretation, as it is the exponential function of the regression coefficient (Szumilas, 

2010). ORs are a measure of association, approximating relative risk.  It compares the odds that 

an outcome will occur based on a particular factor, to the odds of the outcome occurring in the 

absence of that factor.  For polychotomous covariates, the design variable’s ORs are relative to 

the reference category, not a true OR, which represents the odds of two distinct categories 

(Hosmer & Lemeshow, 2000). ORs will be assessed at the end of each modeling step, observing 

changes in the ratios from the initial models to the final model.  

Analytic steps. Before any analytic testing was conducted, the variables were recoded, 

transformed, or created, to appropriately answer the research question or improve model 

interpretation. This was a necessary step for all variables with the exception of age.  Age was the 

only ratio level variable, the others were nominal. For nominal variables that were not 

dichotomous, design variables were created ensuring all variables in the model had a constant 

term. To provide for easier interpretation, reference cell coding, as opposed to deviation from 

the mean coding was used (Hosmer & Lemeshow, 2000).  
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Dependent variable. Since the interest of this study was whether or not specialized 

mental health was received, not the type or level of service, six different variables were used to 

create the dichotomous dependent variable of the receipt of mental health treatment. 

Respondents were asked if they had specialized treatment or counseling due to emotional or 

behavioral problems in the past 12 months, not caused by drugs or alcohol, at or by the 

following: inpatient hospitalization, residential treatment center, day treatment, mental health 

clinic, therapist, and or in-home counseling.  To ensure the new variable consisted of unique 

respondents and that youth who might have received mental health counseling or treatment from 

different levels of service over the past year were not accounted for multiple times, an additional 

step was made before combining these six variables together. First, the six different mental 

health service variables were summed across each participant.  From this newly formed 

summation variable, the final variable of mental health treatment was created by transforming 

the endorsement of service utilization grater than or equal to one as ‘1’ indicating that they had 

received specialty mental health treatment, and youth indicating none of services as ‘0’. 

Predisposing covariates. Similar to the creation of the dichotomous dependent variable, 

modifications were made to the covariates (see Appendix B for a listing of the variables and their 

coding). As discussed in the prevalence section, the variable created indicating MDE in the past 

year was used as the need characteristic. A description of how the other covariates were 

determined is described below. 

Gender. In the dataset, gender designed as a dichotomous variable, therefore it only 

needed to be transformed so that it could be used for reference cell coding in the logistic models. 

Males, the reference group and remained ‘1’ and female was recoded from a ‘2’ to a ‘0’, 

indicating not male. 
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Age. There was no age variable in the public use dataset that gave the actual participants 

age, because the final age variable was computed by using the participant’s date of birth, and two 

consistency check questions asked at other points throughout the survey, to ensure the accuracy 

in the participant’s age (CBHSQ, 2016a).  For purposes of this study, age had more meaning as a 

categorical variable; therefore, the variable in the dataset was recoded (‘1’ to 12 years old, ‘2’ to 

13 years old … ‘6’ to 17 years old). 

Race/ethnicity. For the initial analyses, the seven-level race/ethnicity variable in the 

dataset was used.  This consisted of Non-Hispanic White, Non-Hispanic Black/African American, 

Non-Hispanic Native American/Alaska Native, Non-Hispanic Native Hawaiian/Other Pacific 

Islander, Non-Hispanic Asian, Non-Hispanic more than one race, and Hispanic. After running 

the initial model, two of the levels were combined, recoding the race/ethnicity variable to a new 

six-level variable where (1 = Non-Hispanic Black/African American, 2 = Non-Hispanic Native 

American/Alaskan Native/Native Hawaiian/Other Pacific Islander, 3 = Non-Hispanic Asian, 4 = 

Non-Hispanic more than one race, 5 = Hispanic, and 6 = Non-Hispanic White). 

Religion. Religion is a component of one’s culture; therefore, in the absence of other 

variables to provide insights into the impact of culture on the utilization of mental health 

treatment, this served a proxy measure. Youth were asked to respond to the following two likert 

scale questions with Strongly Agree, Agree, Disagree, or Strongly Disagree: “Your religious 

beliefs are a very important part of your life” and “Your religious beliefs influence how you 

make decisions in your life” (CBHSQ, 2016a).  Initially, these two variables were recoded, 

combining responses of Strongly Agree/Agree and Disagree/Strongly Disagree. From these two 

recoded variable, the variable of religion was created. If youth answered ‘Strongly Agree/Agree’ 
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to both questions, they were coded as a ‘1’, religious. For youth answering ‘Disagree/Strongly 

Disagree’ to either or both, they were coded as ‘0’, not religious. 

Enabling Covariates. 

Socioeconomic status (SES). In the dataset, an imputed variable, indicating one of three 

levels of poverty, was determined by the family’s income relative to the US Census Bureau 

poverty threshold, accounting for age, family size, number of children, and total family income 

(CBHSQ, 2016b). Family income was divided by the poverty threshold and multiplied by 100 to 

show family income as a percent of the federal poverty threshold. These percent’s were then 

used to indicate if the respondent was living in poverty, had an income up to 2x the federal 

poverty threshold, or an income more than 2x the federal poverty threshold. 

Insurance status. In the survey, participants were asked about each type of insurance 

coverage separately. For example, “There are certain programs that cover active duty and retired 

career military personnel and their dependents and survivors and also disabled veterans and their 

dependents and survivors. Is [Respondent’s Name] currently covered by Tricare, or CHAMPUS, 

CHAMPVA, the VA, or military health care?” (CBHSQ, 2016a) A similar question was asked 

for Medicare, Medicaid/CHIP, private, and private insurance funded by an employer or union.  

There was no variable indicating no insurance. Therefore, one variable was created by 

combining the different insurance types and youth answering ‘no’ to all forms of insurance 

coverage were assumed to have no insurance (see Appendix B). The initial insurance variable 

consisted of six different groupings. However, after the full variable was put into the model, it 

was recoded to three groups combining Medicare, Medicaid/CHIP, or military insurance, 

indicating government funded insurance; those reporting private insurance or insurance funded 

by work or union were combined creating privately funded; and no insurance. 
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Geographic location. The only variable provided in the dataset indicating a participants 

geographic location was county status, consisting of three levels, large metro, small metro, or 

non-metro, based on 2010 census information.  Similar to other covariates, after the unadjusted 

variable was put in the model, it was recoded to a dichotomous variable, with non-metro 

indicating ‘rural’ and the combination of large and small metro as ‘urban’. 

Regression steps. Creating the best fitting model in logistic regression is an iterative 

process, requiring continual deleting, refitting, and verifying (Hosmer & Lemeshow, 2000). 

Given the theoretical framework of this study, the first model only included the predisposing 

covariates of age, gender, race/ethnicity, religion, and relevant interactions. All significant and 

clinically relevant variables remained in the model; non-significant covariates were recoded or 

removed. Iterations of this model continued until the best fitting model was established.  

Examining the log likelihood of each model did this.  As long as the adjusted model was not 

significantly different from the original model, the adjusted model was kept, as there was greater 

parsimony in the adjusted model. This same process was repeated after adding the enabling 

covariates of SES, geographic location, and insurance status.  After establishing the best-fitting 

second model, the need covariate of MDE was added, creating the final model. 

In addition to using the log likelihoods to determine the model fit, the Hosmer and 

Lemshow Goodness-of-fit Test was used.  From the estimated probability values of ten 

subgroups, this test assesses if the actual event rates matched the expected event rates in 

subgroups of the model population. The goal is to have similar expected and observed rates 

between the subgroups (Hosmer & Lemeshow, 2000).  

As a final test of model fit, the area under the Receiver Operating Characteristic (ROC) 

curve will be assessed. Ranging from zero to one it shows how the model determines those who 
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experience the outcome versus those who do not. This is done by plotting sensitivity versus 1 – 

specificity for all possible cut points, showing the model’s ability to discriminate between those 

who will and will not experience the outcome of interest. The closer the area under the ROC 

curve is to 0.5, the less discriminate the model is.  Conversely, the closer the area under the ROC 

curve is to one, the greater its ability to discriminate (Hosmer & Lemeshow, 2000). 

As a final step, the Variance Inflation Factor (VIF) will be run for the final model. This 

test will determine if the assumption of multicolliniarty is met.  While having highly correlated 

covariates does not bias the coefficients, it makes them unstable and hard to determine if there is 

a distinct effect of the different variables on the dependent variable (Allison, 2012).  By 

regressing each variable on all the other covariates, then subtracting from one, the tolerance is 

calculated. The hope is that tolerance is greater than 0.40. VIF is the “reciprocal of tolerance, 

showing how inflated the variances of the coefficients are compared to what it would be if the 

variables were uncorrelated with any other variable in the model” (Allison, 2012, p.61).  If the 

VIF is < 10, there is no presence of multicollinarity, showing that the covariates are not too 

highly correlated, artificially inflating the variance. 
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Chapter 5. Results 

Initially, frequencies were analyzed for all the variables of interest, ensuring that that 

dataset was clean and to increase understanding of the data. From there, univariate and bivariate 

analyses were completed. Once these were done, analyses needed to answer the research 

questions were conducted. The first question was answered by determining prevalence rates and 

their confidence intervals (CI). Then, multiple logistic regression models were created 

incorporating different theoretical characteristics at each step. Throughout the building process, 

modifications were made to create the best fitting model, from which the odds ratios were 

derived. 

It is important to note that for many of the analyses to follow, both unweighted and 

weighted data is reported. The unweighted models helped with preparing for the weighted model 

and to check the integrity of the model. It provided confidence that the findings were accurate 

and representative of the data.  

Sample 

Consisting of respondent’s aged 12 to 17, the final sample size was 13, 585.  It is 

important to note that 375 youth left the MDE questions blank, reducing the sample to 13, 210 

for some of the analyses, particularly the final model. As shown in Table 2, the age and gender 

of the sample are evenly distributed. The average age of participants was 14.55 (sd =1.68, 95% 

CI [14.52, 14.57] and there were 1.7% more males than females (Table 3).  Ninety five percent 

of the participants reported that they had attended school in the past year, with the majority 

(68.4%) between seventh and tenth grade. However, there was a substantial spread in grade 

completed. It ranged from fifth grade or lower to those who had graduated from college. There 

were some outliers in the reported grade completed. Generally, youth in fifth grade are about 10 
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or 11 years old, yet the sample began at 12 years of age and 5.24% of the participants reported 

being in fifth grade or below. At the opposite end, youth generally graduate high school at 17 or 

18 years old and in this sample, going to age 17, 19 respondents reported having had some 

college, to a college degree or higher. 

The majority of the participants identified their race/ethnicity as Non-Hispanic White 

(53.18%), followed by Hispanic (22.22%) and Non-Hispanic Black/African American (13.08%). 

While the majority of the respondents took the survey in English, 455 (3.35%) youth took the 

survey in Spanish. 

In further breaking down the sample between those who reported receiving mental health 

treatment in the past year and those who did not, it was found that as the age of the youth 

increased, so did the percentage of those receiving treatment, with 9.82 percent reported in 12 

year olds and the highest at 14.11 percent in 16 year olds (Table 2).  The opposite was true for 

youth’s perception of their health. As mental health utilization increased, their reported heath 

declined from excellent to fair/poor. The difference between the two extremes was 8.3 percent. 

However, the majority of the sample (96.29%) reported being in good or better health. Females 

reported much higher treatment utilization, as did youth reporting being non-religious.  Non-

Hispanic more than one race youth had the highest percentage of mental health utilization at 

16.52%, followed by Non-Hispanic White youth at 13.94 percent.  Those with government 

funded insurance (i.e., Medicare, Medicaid, and Military Insurance) were much more likely to 

utilize treatment than participants with private insurance. This is related to the fact that those 

who reported living at or below the US poverty threshold or those living at more than two times 

the poverty threshold had a higher percentage of service utilization than individuals living at two 

times above the poverty level. The one factor that showed no difference in the percentage of 
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utilization was by county type. Large metro, small metro, and non-metro counties all had about 

the same amount of service utilization. 

Table 2. Full Sample Demographics, Including Subgrouping by Receipt Versus No Receipt 

of Mental Health Treatment 

Variable 

Total 

Age 

12 

13 

14 

15 

16 

17 

Gender 

Male 

Female 

Race/Ethnicity 

Non-Hisp White 

Non- Hisp Black/AA 

Non-Hisp NA/AK Native 

Non-Hisp Native HI/OPI 

Non- Hisp Asian 

Sample 

N (Weighted %) 

13585 

2070 (14.97%) 

2222 (15.74%) 

2347 (17.72%) 

2368 (17.31%) 

2318 (17.11%) 

2260 (17.14%) 

6908 (50.96%) 

6677 (49.04%) 

7225 (53.70%) 

1777 (13.90%) 

228 (0.62%) 

74 (0.47%) 

491 (5.07%) 

Received 

MHTX 

N (Weighted %) 

1827 

217 (9.82%) 

286 (11.81%) 

305 (12.28%) 

346 (13.63%) 

370 (14.11%) 

303 (13.08%) 

707 (9.77%) 

1120 (15.35%) 

1051 (13.94%) 

195 (10.65%) 

34 (11.99%) 

9 (14.32%) 

43 (9.24%) 

No 

MH TX 

N (Weighted %) 

11758 

1853 (90.18%) 

1936 (88.19%) 

2042 (87.72%) 

2022 (86.37%) 

1948 (85.89%) 

1957 (86.92%) 

6201 (90.23%) 

5557 (84.65%) 

6174 (86.06%) 

1582 (89.35%) 

194 (11.99%) 

65 (85.68%) 

448 (90.76%) 
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Variable 

Non- Hispanic 1+ Race 

Hispanic 

Religion 

Yes 

No 

SES 

Poverty 

Up to 2x Poverty Th. 

More than 2x Poverty Th 

Insurance 

No insurance 

Medicare 

Medicaid/CHIP 

Military Insurance 

Private 

Private from Employer/Union 

Geographic Location 

Rural 

Small Metro 

Large Metro 

Language 

English 

Sample 

N (Weighted %) 

771(3.16%) 

3019 (23.07%) 

7743 (57.44%) 

5842 (52.56%) 

3007 (22.62%) 

3206 (23.57%) 

7272 (54.81%) 

861 (7.42%) 

13(0.09%) 

4732 (33.72%) 

315(2.10%) 

525 (4.16%) 

7139 (52.51%) 

2891 (14.61%) 

4670 (30.22%) 

6024 (55.17%) 

13130 (96.29%) 

Received 

MHTX 

N (Weighted %) 

141 (16.52%) 

354 (10.43%) 

909 (10.82%) 

918 (14.78%) 

389 (12.46%) 

445 (11.87%) 

993 (12.79%) 

95 (10.99%) 

2 (16.14%) 

693 (13.24%) 

44 (12.88%) 

62 (11.21%) 

931 (12.33%) 

364 (12.91%) 

665 (12.75%) 

798 (12.26%) 

1785 (12.67%) 

No 

MH TX 

N (Weighted %) 

630 (83.48%) 

2665 (89.57%) 

6834 (89.18%) 

4924 (85.22%) 

2618 (87.54%) 

2761 (88.13%) 

6379 (87.21%) 

766 (89.01%) 

11 (83.86%) 

4039 (86.76%) 

271 (87.12%) 

463 (88.79%) 

6208 (87.67%) 

2527 (87.09%) 

4005 (87.25%) 

5226 (87.74%) 

11345 (87.33%) 
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Variable 

Spanish 

Education 

Fifth grade or less 

Sixth grade 

Seventh grade 

Eighth grade 

Ninth grade 

Tenth grade 

Eleventh/12th grade: no degree 

High School diploma/GED 

Some College 

Associate’s Degree 

College Graduate or Higher 

Attended School in Past Yeara 

Yes 

No 

Health 

Excellent 

Very Good 

Good 

Fair/Poor 

Sample 

N (Weighted %) 

455 (3.71%) 

737 (5.24%) 

1941 (14.22%) 

2269 (16.58%) 

2406 (17.86%) 

2395 (17.56%) 

2217 (16.33%) 

1461 (11.23%) 

139 (0.80%) 

15 (0.14%) 

1 (0.01%) 

4 (0.03%) 

12841 (94.31%) 

626 (4.74%) 

4592 (34.86%) 

5624 (40.97%) 

2855 (20.46%) 

512 (3.71%) 

Received 

MHTX 

N (Weighted %) 

42 (8.08%) 

81 (9.58%) 

220 (10.71%) 

293 (11.98%) 

345 (13.15%) 

342 (13.63%) 

345 (14.54%) 

180 (11.46%) 

18 (6.87%) 

3 (24.28%) 

1753 (20.46) 

68 (12.14%) 

468 (9.68%) 

762 (12.95%) 

480 (15.43%) 

117 (17.98%) 

No 

MH TX 

N (Weighted %) 

413 (91.92%) 

656 (90.42%) 

1721 (89.29%) 

1976 (88.02%) 

2061 (86.85%) 

2053 (86.37%) 

1872 (85.46%) 

1281 (88.54%) 

121 (93.13%) 

12 (75.72%) 

1 (100%) 

4 (100%) 

11146 (79.55%) 

537 (87.86%) 

4124 (90.32%) 

4862 (87.05%) 

2375 (84.57%) 

395 (82.02%) 
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Received No 

Sample MHTX MH TX 

Variable N (Weighted %) N (Weighted %) N (Weighted %) 

MDE in Past Yearb 

Yes 1695 (12.66%) 655 (35.13%) 1040 (64.87%) 

No 11515 (87.34%) 1139 (9.43%) 10376 (90.57%) 

a. Due to missing values, sample size =13506 

b. Due to missing values, sample size = 13210 

There were very few univariate analyses (Table 3) conducted, as the majority of the 

variables were nominal and consisted of more than one category. Therefore, any univariate 

analyses would have been meaningless. Table 3 shows that the actual sample was nearly 

identical to the weighted sample, with slight differences in the number of participants by county 

type and insurance type. 

Table 3. Univariate Analyses 

Unweighted Weighted 

Variable n M (SD) 95% CI M (SD) 95% CI 

Age 13585 14.55 (1.68) 14.52, 14. 57 14.55 (72.11) 14.52, 14.58 

Male 13585 0.51 (0.50) 0.50, 0.52 0.51 (21.40) 0.50, 0.52 

Religion 13585 0.57 (0.50) 0.56, 0.58 0.57 (21.17) 0.57, 0.58 

County 13585 1.77 (0.78) 1.76, 1.78 1.60 (31.26) 1.58, 1.61 

SES 13585 1.67 (0.81) 1.67, 1.69 1.68 (35.12) 1.67, 1.70 

MDE 13210 0.13 (0.33) 0.12, 0.13 0.13 (14.24) 0.12, 0.13 
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Prevalence of MDE 

In 2015, as shown in Table 4, 12.83 percent, 95% CI [12.27,13.41] youth reported having 

a MDE in the past year and 17.77%, 95% CI [17.13, 18.44] reporting a lifetime prevalence of 

MDE. There was a positive relationship between the participant’s age and reported MDE, as the 

participants increased in age, so did their reporting of a MDE, with highest prevalence at age 16.  

The prevalence of MDE was significantly higher in females at 9.61 percent, 95% CI [9.60, 9.62] 

percent, than males 3.17 percent 95% CI [3.04, 3.06].  Differences also existed by race/ethnicity 

with the highest prevalence of MDE in Non-Hispanic White 7.02 percent, 95% CI [6.59, 7.47] 

and Hispanic 3.00 percent, [95% CI = 2.72, 3.30] youth.  Prevalence of MDE was also reported 

at higher rates in respondents living more than two times above the poverty threshold 7.09%, 

95% CI [6.66, 7.54] in large metro counties 5.83 percent, 95% CI [5.44, 6.24], and having 

private insurance 6.78 percent, 95% CI [6.37, 7.220].  There were no differences observed in the 

prevalence of MDE in youth who received mental health treatment 6.60 percent, 95% CI [6.19, 

7.04] versus those who did not 6.23 percent, 95% CI [5.83, 6.660], nor in those reporting being 

religious 6.17%, 95% CI [5.76, 6.59] versus not 6.66 percent, 95% CI [6.25, 7.10].  The majority 

of these prevalence rates remained the same in the weighted analysis. However, the receipt of 

mental health treatment had a higher prevalence 8.21 percent, 95% CI [8.20, 8.22] in those 

reporting no MDE, than those reporting MDE 4.45 percent, 95% CI [4.44, 4.46]. In conclusion, 

higher SES, white, females, living in large metro areas, are the most at risk population for MDE. 

54 

https://12.27,13.41


	

 

 

    

     

  

    

  

           

       

 

      

      

      

      

      

      

 

 

 

 

 

 

 

 

   

   

   

   

   

   

 

 

 

 

 

 

 

 

   

   

   

   

   

   

 

      

      

 

 

 

 

   

   

 

 

 

 

   

   

 

      

      

       

       

      

         

      

 

 

 

 

 

 

 

 

 

   

   

   

   

   

   

   

 

 

 

 

 

 

 

 

 

   

   

   

   

   

   

   

Table 4. Prevalence Rates of Reported Major Depressive Episode (MDE) in the Past Year 

Unweighted Weighted 

n (%) Prevalence Rate n (%) Prevalence Rate 

Variable [95% CI] [95% CI] 

MDE – Past Year 1695 12.83% [12.27, 13.41] 3067600 12.66% [12.65, 12.67] 

Prevalence of MDE by Covariates and DV 

Age 

12 108 (6.37%) 0.82% [0.68, 0.99] 183108 (5.97%) 0.76% [0.75, 0.76] 

13 219 (12.92%) 1.66% [1.45, 1.89] 426753 (13.91%) 1.76% [1.76, 1.77] 

14 267 (15.75%) 2.02% [1.79, 2.28] 481253 (15.69%) 1.99% [1.98, 1.99] 

15 357 (21.06%) 2.70% [2.44, 2.99] 688247 (22.44%) 2.84% [2.83, 2.85] 

16 385 (22.71%) 2.91% [2.64, 3.22] 646208 (21.07%) 2.67% [2.66, 2.67] 

17 359 (21.18%) 2.72% [2.45, 3.01] 642031 (20.93%) 2.65% [2.64, 2.66] 

Gender 

Male 419 (24.72%) 3.17% [2.89, 3.48] 739416 (24.10%) 3.05% [3.04, 3.06] 

Female 1276 (75.28%) 9.66% [9.17, 10.17] 2328184 (75.90%) 9.61% [9.60, 9.62] 

Race/Ethnicity 

White 927 (54.69%) 7.02% [6.59, 7.47] 1762327 (57.45%) 7.27% [7.26, 7.28] 

Black/AA 158 (9.32%) 1.02% [1.02, 1.40] 297420 (9.70%) 1.23% [1.22, 1.23] 

Nat. Am/AK Native 27 (1.59%) 0.20% [0.14, 0.30] 20038.1 (0.69%) 0.08% [0.08, 0.08] 

HI Native/OPI 12 (0.71%) 0.09% [0.05, 0.16] 16013.9 (0.52%) 0.07% [0.07, 0.07] 

Asian 47 (2.77%) 0.36% [0.27, 0.47] 108782 (3.55%) 0.45% [0.45, 0.45] 

More than 1 Race 128 (7.55%) 0.97% [0.82, 1.15] 125078 (4.08%) 0.52% [0.51, 0.52] 

Hispanic 396 (23.36%) 3.00% [2.72, 3.30] 737941 (24.06%) 3.05% [3.04, 3.05] 
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Variable 

Religion 

Yes 

No 

SES 

Poverty 

Up to 2x Pov. Thresh. 

More than 2x Pov Thresh. 

Geographic 

Non-Metro 

Small Metro 

Large Metro 

Insurance Status 

Medicare 

Medicaid/CHIP 

Military Insurance 

Private 

Private by Emplop. /Union 

No Insurance 

Mental Health Tx 

Yes 

No 

n (%) 

815 (48.08%) 

880 (51.92%) 

334 (19.71%) 

425 (25.07%) 

936 (55.22%) 

330 (19.47%) 

595 (35.10%) 

770 (45.43%) 

581 (34.28%) 

53 (3.13%) 

68 (4.01%) 

896 (52.86%) 

97 (5.72%) 

655 (38.64%) 

1040 (61.36%) 

Unweighted 

Prevalence Rate 

[95% CI] 

6.17% [5.76, 6.59] 

6.66% [6.25,7.10] 

2.53% [2.27, 2.81] 

3.22% [2.93, 3.53] 

7.09% [6.66, 7.54] 

2.50% [2.25, 2.78] 

4.50% [4.16, 4.87] 

5.83% [5.44, 6.24] 

4.04% [4.06, 4.76] 

0.40% [0.31, 0.52] 

0.51% [0.41, 0.65] 

6.78% [6.37, 7.22] 

0.73% [0.60, 0.89] 

4.96% [4.60,5.34] 

7.87% [7.43, 8.34] 

n (%) 

1470276 (47.93%) 

1597324 (52.07%) 

611977 (19.95%) 

715003 (23.31%) 

1740621 (56.74%) 

444116 (14.48%) 

912294 (29.74%) 

1711189 (55.78%) 

1025047 (33.42%) 

88968 (2.90%) 

133026 (4.34%) 

1631079 (53.17%) 

189479 (6.18%) 

1077787 (35.13%) 

1989813 (64.87%) 

Weighted 

Prevalence Rate 

[95% CI] 

6.07%[6.06, 6.08] 

6.59% [6.59, 6.60] 

2.53% [2.52, 2.53] 

2.95% [2.94, 2.96] 

7.18% [7.17, 7.19] 

1.83% [1.83, 1.84] 

3.76% [3.76, 3.77] 

7.06% [7.05,7.07] 

4.23% [4.22, 4.24] 

0.37% [0.36, 0/37] 

0.55% [0.55, 0.55] 

6.73% [6.72, 6.74] 

0.78% [0.78, 0.79] 

4.45% [4.44, 4.46] 

8.21% [8.20, 8.22] 
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Bivariate Analyses 

To examine potential associations between the dependent variable and the covariates, and 

the covariates against each other, likelihood ratio x2 analyses were conducted (see Table 5). In 

analyzing the covariates of interest against the outcome variable, all covariates were significant 

at p < .001, with the exception of geographic location and SES. Neither of these variables were 

found to have statistically significant association. Similarly, in reported MDE, two out of the 

eight were not found to have an association, geographic location, and insurance status.  While 

there was an association between SES and MDE, this was a weaker association that then others, 

with a significance of p = .05. No relationships were found between a member’s age, gender, 

race/ethnicity, or geographic location. However, there were strong relationships between age, 

religion, insurance, SES, and MDE. The covariate of race/ethnicity also showed very strong 

associations between religion, insurance status, geographic location, SES, and depression. There 

were also strong relationships between SES and geographic location, and insurance status. 

Table 5. Likelihood Ratio Chi-square Matrix of Variables  

Variables 1 2 3 4 5 6 7 8 9 

1 - MHTX --

2 – Age 32.03*** --

3 - Gender 125.53*** 3.33 --

4 - Race 50.30*** 39.97 4.86 --

5 - Religion 44.80*** 103.22*** 14.37*** 140.09*** --

6 - Insur 12.48* 77.57*** 3.71 1691.33*** 5.27 --

7 - Geo 4.54 3.03 1.12 1176.07*** 7.87* 45.84*** --

8 – SES 1.20 25.68** 0.41 2014.54*** 17.08*** 5120.56*** 49.29*** --

9 - MDEa 820.92*** 196.24*** 560.17*** 40.014*** 73.29*** 9.74 3.75 6.85* --
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Multiple Logistic Regression Models 

Model 1: Predisposing Characteristics. The initial multiple logistic regression model, 

was based on the all components of the predisposing characteristics of age, gender, 

race/ethnicity, and religion. In addition, due to the close association between race/ethnicity, 

culture, and subsequently religion, additional analyses were run to ensure that there was no 

occurrence of effect modification or confounding with the utilization of race/ethnicity and 

religion. If there had been any effect, the interaction would have been put into the model.  Since 

it was not, the variables were assessed separately. As shown in the initial unweighted model (see 

Table 6), all variable components were statistically significant, with the exception of two 

race/ethnic groups, Non-Hispanic Native American/ Alaskan Native, and Non-Hispanic Native 

Hawaiian/ Other Pacific Islander.  Even though the overall effect of ‘Race’ was statistically 

significant in the model x2 = 45.11, df= 6, p < .001, the decision was made to combine these two 

race/ethnicity groups. Therefore, before moving on to the next modeling step, the variable of 

race/ethnicity was recoded. 

Table 6. Predisposing Characteristics Multiple Logistic Regression Model  

Unweighted Weighted 

Parameter df β SE Wald x2 p β SE Wald x2 p 

Intercept 1 -2.15 0.23 87.37 < .0001 -2.22 0.01 159322.78 < .0001 

Age 1 0.06 0.02 13.53 .00 0.06 0.00 22627.29 < .0001 

Male 1 - 0.59 0.05 128.50 < .0001 -0.52 0.00 178617.82 < .0001 

Black/AA 1 -0.29 0.08 11.87 .00 -0.26 0.00 17489.06 < .0001 
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NA/AK Native 1 0.08 0.19 0.16 .69 -0.10 0.01 144.95 < .0001 

Native HI/OPI 1 -0.18 0.36 0.26 .61 0.08 0.01 97.24 < .0001 

Asian 1 -0.59 0.16 13.00 .00 -0.46 0.00 21155.92 < .0001 

1+ Race 1 0.27 0.10 7.06 .01 0.22 0.00 4897.684 < .0001 

Hispanic 1 -0.24 0.07 13.00 .00 -0.31 0.00 38905.941 < .0001 

Religion 1 -0.32 0.05 40.13 < .0001 -0.33 0.00 72698.45 < .0001 

-2 Log Likelihood = 10492.411 -2 Log Likelihood = 18396502 

As indicated by the negative signs in the model outcomes (Table 6) before the 

coefficients (β), Black, Hispanic, and Asian youth were less likely to receive mental health 

treatment than White youth, while youth reporting being more than one race, were more likely to 

receive treatment. In addition, males and religious youth were less likely to receive treatment. 

Looking at the overall model statistics of the final model in this step with race/ethnicity 

reduced, the likelihood ratio, testing the global null hypothesis was statistically significant (x2= 

235.05, df = 8, p < .0001). The Hosmer and Lemeshow Goodness-of-Fit test was statistically 

significant as well; with the results of the unweighted model x2= 29.50, df = 8, p= .0003 and the 

weighted model results x2= 42.43, df = 8, p < .0001. However, with only predisposing 

characteristics, the model does not have the ability to discriminate, with the area under the ROC 

curve being so close to .5 (see Appendix D Figure D.1).  Therefore, in a model with only these 

characteristics, there is no ability to predict individuals who might receive mental health 

treatment, with any greater probability than flipping a coin. 

Model 2: Predisposing and Enabling Characteristics. Using the condensed 

predisposing model, the enabling factors were added. After the initial iteration, including SES, 

geographic location, and insurance status, SES was not significant, therefore removed from the 
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model. In addition, the original six-level variable of insurance status was reduced, leading to the 

final model of this stage.  The new three-level variable consisted of government insurance, 

combining Medicare, Medicaid/CHIP, and military insurance; private insurance combining 

individually purchased private insurance and private insurance provided by an employer or 

union; and no insurance, remaining the reference group.  

The final model of predisposing and enabling characteristics is shown in Table 7. Even 

after condensing the race/ethnicity variable of Native American/Native Alaskan and Native 

Hawaiian/Other Pacific Islanders, that remained the only non-significant race/ethnicity variable 

(β = -0.0028, Wald x2= 0.0003, p = .99).  Although the overall log likelihood of insurance was 

statistically significant in the model (x2= 21.05, df = 2, p < .0001), private insurance were not 

significantly different from those with no insurance (β = 0.07, Wald x2= 0.38, p = .54).  

However, government and private insurance had a greater likelihood of receiving treatment, 

those with no insurance. 

The -2 log likelihoods from the first model to the second had very little difference, 

Model 1 = 10492.83 and Model 2 = 10465.52. Unlike Model 1, Model 2 (unweighted) was not 

statistically significant (x2= 12.99, df = 8, p= .11), but the weighted model was (x2= 22.81, df = 

8, p= .001).  As seen in Figure 2 in Appendix C, the area under the ROC curve was nearly the 

same as Model 1 with the predisposing variables.  Therefore, this model, at least unweighted, is 

neither discriminant nor a good fit. 
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Table 7. Predisposing and Enabling Characteristics Logistic Regression Model 

Unweighted Weighted 

Parameter df β SE Wald x2 p β SE Wald x2 p 

Intercept 1 -2.30 0.26 78.55 < .0001 -2.32 0.01 143171.15 < .0001 

Age 1 0.06 0.02 15.51 < .0001 0.06 0.00 25544.93 < .0001 

Male 1 - 0.58 0.05 127.06 < .0001 - 0.52 0.00 176744.32 < .0001 

Black/AA 1 -0.40 0.09 20.59 < .0001 -0.32 0.00 26184.33 < .0001 

NA/AK/HI Native/OPI 1 -0.00 0.17 0.00 .99 -0.07 0.01 126.98 < .0001 

Asian 1 -0.62 0.16 14.14 .00 -0.46 0.00 20914.85 < .0001 

1+ Race 1 0.21 0.10 4.40 .04 0.19 0.00 3550.37 < .0001 

Hispanic 1 -0.33 0.07 22.58 < .0001 -0.37 0.00 48971.77 < .0001 

Religion 1 -0.32 0.05 37.74 < .0001 -0.33 0.00 71223.11 < .0001 

Government 1 0.31 0.12 7.09 .01 0.20 0.00 5995.01 < .0001 

Private 1 0.07 0.12 0.38 .54 -0.00 0.00 0.01 .94 

Rural 1 -0.19 0.07 8.03 .01 -0.03 0.00 318.97 < .0001 

-2 Log Likelihood = 10465.517 -2 Log Likelihood =18374118 

Model 3: Predisposing, Enabling, and Need Characteristics. Before examination of the final 

multiple logistic regression model results, the OR’s at each of the three stages of modeling will 

be discussed. The OR is the exponential function of the regression coefficient, but offers easier 

interpretation. In looking at the ORs for the predisposing characteristics only (Table 7), all of the 

weighted variables were statistically significant with p < .001. However, the unweighted model 

showed that the grouping of Native Americans/Alaskans/Hawaiians/ Other Pacific Islanders was 

not significantly different from White youth. Throughout all of the models, as compared to their 
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White counterparts, Asian youth were least likely to receive mental health treatment aOR = 0.66, 

95% CI [0.654, 0.662], p < .001.  With the addition of all the variables in Model 2 and 3, youth 

reporting being more than one race became less significant to not significant by the final model.  

This was the only race/ethnicity showing higher odds of the receipt of treatment over White 

youth. 

In the second model with the addition of geographic location and insurance, youth who 

had government funded insurance had 1.22 higher odds of receiving treatment than youth with 

no insurance. There was no difference in the likelihood of utilizing mental health treatment in 

youth with private insurance and no insurance; although, the odds ratio shows that there was a 

slightly higher utilization in the privately funded. The odds of being privately insured verses not 

insured were not significant in the unweighted or weighted models until the final weighted 

model. Even in the weighted model with predisposing and enabling factors, this was not 

significantly different from those without insurance. Finally, the odds of older youth being in 

treatment over those who were younger was statistically significant, with the exception of the 

unweighted final model, when the addition of MDE made it no longer statistically significant in 

the model. Figure 2 shows a graphical representation of the odds ratios for each variable in the 

final weighted model. The figure clearly articulates where each ratio an 95% CI falls. It adeptly 

shows that the odds of utilizing mental health treatment are greatest when youth have had a MDE 

aOR = 4.67, 95% CI [4. 66, 4.69] p < .001. 
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Table 8. Odds Ratios at the Three Stages of Modeling 

Predisposing and Enabling Predisposing, Enabling, and Need 
Predisposing Characteristics 

Characteristics Characteristics 

Unweighted Weighted Unweighted Weighted Unweighted Weighted 
Variable 

OR [95% CI] OR [95% CI] OR [95% CI] OR [95% CI] OR [95% CI] OR [95% CI] 

Age 1.06 [1.03, 1.09]*** 1.06 [1.06, 1.06]*** 1.06 [1.03 , 1.09]*** 1.06 [1.06, 1.06]*** 1.01 [0.97, 1.04] 1.01 [1.01 - 1.01]*** 

Gender 

Male (Ref.) 0.56 [0.50, 0.62]*** 0.59 [0.59, 0.59]*** 0.56 [0.50, 0.62]*** 0.59 [0.59, 0.59]*** 0.75 [0.68, 0.84]*** 0.79 [0.80, 0.80]*** 

Female 

Race/Ethnicity 

White (Ref.) 

Black/AA 0.75 [0.64, 0.88]*** 0.77 [0.77, 0.78]*** 0.67 [0.57, 0.80]*** 0.77 [0.77, 0.78]*** 0.75 [0.63 , 0.89]** 0.81 [0.81 , 0.81]*** 

NA/AK/HUOPI 1.02 [0.73 , 1.42] 0.91 [0.90, 0.92]*** 1.00 [0.71, 1.39] 0.91 [0.90, 0.92]*** 1.01[0.71, 1.43] 0.92 [0.92, 0.93]*** 

Asian 0.55 [0.40, 0.76]*** 0.63 [0.63 , 0.63]*** 0.54 [0.39, 0.74]*** 0.62 [0.63, 0.63]*** 0.57 [0.41 , 0.80]*** 0.66 [0.65, 0.66]*** 

1+ Race 1.30 [1.07, 1.59]** 1.25 [1.24, 1.26]*** 1.24 [1.01 , 1.51]* 1.25 [1.24, 1.26]*** 1.15 [0.93 , 1.42] 1.13 [1.12, 1.13]*** 

Hispanic 0.79 [0.69, 0.90]*** 0.73 [0.73 , 0.73]*** 0.72 [0.63 , 0.82]*** 0.73 [0.73 , 0.73]*** 0.71[0.62, 0.82]*** 0.69 [0.68, 0.69]*** 

Religion 

Yes (Ref.) 0.72 [0.65 , 0.80]*** 0.72 [0.72, 0.72]*** 0.73 [0.66, 0.82]*** 0.72 [0.72, 0.72]*** 0.77 [0.69, 0.82]*** 0.76 [0.76, 0.76]*** 

No 
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Predisposing and Enabling Predisposing, Enabling, and Need 
Predisposing Characteristics 

Characteristics Characteristics 

. 
Unweighted Weighted Unweighted Weighted Unweighted Weighted 

Variable 
OR [95% CI] OR [95% CI] OR [95% CI] OR [95% CI] OR [95% CI] OR [95% Cl] 

Geo Location I I 

Rural (Ref.j 0.83 [0.73- 0.95].. 0.97 [0.97, 0.97]••· 0.85 [0.75, 0.98]• 0.97 [0.93, 0.94]••· 

Metro 

Insurance 

No lJls.w: (Ref.) 

Gov' t Funded 1.37 [ 1.09, 1. 72) .. 1.22 [ 1.22, 1.3 ]• • • 1.35 [ 1.06, 1. 72]• 1.14 [1.12, I.IS]••• 

Private Funded 1.08 [0.86,1.35) 1.07 [1.00, 1.01) 1.06 [0.83, 1.34) 0.94 [0.93, 0.94]••· 

MIi ~ I 
No (Ref.) 5.10 [4.52, 5.76]••· 4.67 [4.66, 4.69]••· 

Yes I 
Note: • p = .05 • • p = .0 I • •• p < .00 I 

'[ 
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MALE • 
RACE 1 vs 6 • 
RACE 2vs 6 • 
RACE 3vs 6 • 
RACE 4 vs 6 • 
RACE 5vs 6 • 

RELIGION • 
INSURA1 1 vs 3 • 
INSURA1 2 vs 3 • 

RURAL 4 

DEPRESS • 
' ' ' 
2 3 4 

Odds Ratio 

Figure 2. Odds Ratios for the Final Weighted Model with 95% Wald Confidence Intervals  

The results of the final logistic regression model are found on Table 9. Two interesting changes 

occurred with the addition of MDE into the unweighted model. The first was that age was no 

longer significant (β = 0.01, df =1, p = .76) and neither were youth who were more than one race 

(β = 0.14, df =1, p = .20). In the unweighted final model, the Hosmer and Lemesow Goodness-

of-fit test is not significant (x2 = 5.21, df =8, p = .74), but the weighted model is (x2 = 22.34, df = 

8, p=.004). In examining the area under the ROC curve (Figure 3) with rounding, it meets the 

threshold of .7, acceptable discrimination. Thus, the addition of the MDE, this increased the 

ability of the model to predict whether or not an individual would receive treatment.   
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As a final step in the analyses, a test of multicollinearity was run (see Appendix E).  The 

resulted showed that the assumption of no multicollinearity was met (Appendix E, Table E.2); 

therefore, there was no artificial inflation of the variance in the model (Appendix E, Table E.1). 

Also found in Appendix E are diagrams showing the residuals by the regressors for this final 

model (Figure E.1) and diagrams of the fit diagnostics (Figure E.2). 

Table 9. Final Logistic Regression Model with Predisposing, Enabling, and Need 

Characteristics 

Un-Weighted Weighted 

Parameter df β SE Wald x2 p β SE Wald x2 p 

Intercept 1 -1.98 0.27 52.16 < .0001 -2.01 0.01 98056.38 < .0001 

Age 1 0.01 0.02 0.10 .75 0.01 0.00 653.56 < .0001 

Male 1 -0.28 0.06 25.8 < .0001 -0.23 0.00 29040.89 < .0001 

Black/AA 1 -0.29 0.09 10.44 .00 -0.21 0.00 10576.56 < .0001 

NA/AK/HI/ OPI 1 0.01 0.18 0.00 .97 -0.09 0.01 205.53 < .0001 

Asian 1 -0.59 0.17 10.83 .00 -0.42 0.00 15559.27 < .0001 

1+ Race 1 0.14 0.11 1.65 .20 0.12 0.00 1236.45 < .0001 

Hispanic 1 -0.34 0.07 21.93 < .0001 -0.38 0.00 47843.18 < .0001 

Religion 1 -0.30 0.06 24.12 < .0001 -0.28 0.00 47843.18 < .0001 

Rural 1 -0.16 0.07 5.35 .02 -0.03 0.00 225.31 < .0001 

Government 1 0.30 0.12 6.00 .01 0.13 0.00 2478.52 < .0001 

Private 1 0.05 0.12 0.19 .66 -0.06 0.00 581.22 < .0001 

Depression 1 1.63 0.06 692.12 < .0001 1.5420 0.0015 1078132.60 < .0001 

-2 Log Likelihood = 9585.105 -2 Log Likelihood = 17038007 
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Figure 3: ROC Curve for Final Model with Predisposing, Enabeling, and Need 

characteristics 

Summary of Results 

The results show that the youth with the highest prevalence of MDE in 2015 were White, 

high SES, females, living in urban settings, with private insurance. However, higher prevalence 

of MDE did not equate with increased utilization of mental health services. Of the youth who 

experienced a MDE in the past year, only 38.6 percent reported receiving mental health 

treatment. However, as demonstrated in the final logistic regression model, MDE was the most 

significant predictor of mental health utilization. It is reasonable to conclude from these results, 

that important variables are missing in determining access to mental health care in youth. 
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Chapter 6. Discussion and Implications 

This dissertation study is the first to examine the receipt of specialty mental health 

treatment in US youth and the factors that may contribute to their ability to access them, using a 

national dataset. Although the evidence suggests that there are key variables missing from the 

model, consistent with previous findings using the BMSU (Davidson et al., 2004; Porteous et al., 

2015; Schomerus et al., 2013), this study did have some noteworthy findings. 

In considering Anderson’s (1995) access definitions, the data showed that there was not 

equitable access. While demographic and need characteristics accounted for some of the 

variation, it was minimal.  Need for treatment had the highest odds of treatment, but when 

looking at the prevalence rates, those with MDE had lower rates of treatment receipt than those 

not endorsing an MDE. Although other mental health diagnoses are not accounted for, one 

would think that youth with MDE would account for the majority of service use given that is the 

most prevalent diagnoses in teens. What this study validated was there is inequitable access to 

care. Enabling factor such as insurance status and health beliefs had a significant influence on 

who accessed care and who did not. 

The prevalence of youth with MDE in 2015 was 12.66%. In a study conducted by 

Mojtabai and colleagues (2016), using NSDUH data, they found that the prevalence of MDE in 

youth was 8.8% in 2005 and 11.3% by 2014. The change was found to be statistically significant 

difference (Mojtabai, Olfson, & Han, 2016).  Combining the results of this current study and this 

previous study, there has been a 3.86% increase in prevalence of MDE in the past 10 years.  

According to National KIDS COUNT, there were approximately 24,976,689 youth, 12 to 17, in 

the US in 2015.  Therefore, about 3.16 million children in the US had a MDE in 2015, as 
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opposed to 2.28 million in 2005; thus, confirming literature of increases in prevalence rates for 

mental health disorders (Silva et al., 2007). 

Key Predisposing Characteristics Findings 

Of the respondents who endorsed a MDE, the age dispersion was fairly even, with a 

slight increase in reporting with each year increase in age (Lipari et al., 2016). However, there 

was a difference in the receipt of treatment, with older youth reporting a higher percentage of 

treatment utilization. In the regression models, age was a significant variable in the first two 

models, but with the addition of MDE, age was no longer significant. This result is not surprising 

given that the sample was between the ages of 12 to 17. There are greater treatment options for 

this age group than there are for those who are younger, as adult focused mental health 

practitioners are generally willing to see adolescents as well. If youth, ages five and older were 

included in this sample, age would have likely remained a significant variable. 

While age was not a significant variable in the model, gender was, with females twice as 

likely to endorse a MDE. This result was not surprising given the numerous studies finding that 

females are more likely to have depression (Thomas et al., 2011). However, other mental health 

diagnoses, more prevalent in males were unable to be examined due to the limitations of this 

dataset. Females in this study were also more likely to receive treatment, which is inconsistent 

with previous findings, stating that females are less likely to receive mental health care (NIMH, 

n.d.; Suanders & Heflinger, 2004). The odds of a female receiving mental health treatment were 

24.6% higher than males.  However, previous findings could be outdated, as there could have 

been a change in treatment trends over the past decade. Alternatively, males in this study could 

have chosen to not respond to questions about treatment or falsified their answers. 
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According to CDC data, no differences existed in the prevalence of mood disorders by 

race (NIMH, n.d.).  Even though not all mood disorders could be examined in this study, 

depression is one of the main diagnoses under the category of mood disorder, and there was a 

clear division by race in this study. In considering race only, MDE prevalence in White youth 

was 7.02%, with the next closest being Black at 1.02%. Although inconsistent with the CDC, 

these results were not unexpected given racial perceptions of mental illness. Equated with 

laziness in Black culture (Carpenter-Song, et al., 2010), it makes sense that even if youth 

experienced multiple depressive symptoms in the past year that they would not report it. 

Prevalence differences by ethnicity was confirmed with only 3% of Hispanic reporting 

depression, significantly lower than White youth (Thomas et al., 2011).  This difference may be 

due to how the questions were asked and measured, or based on the age of the sample. Perhaps 

when younger youth are included in the sample, the rates even out. However, when looking at 

treatment utilization, Black youth were more likely to utilize treatment than Hispanic and Asian 

youth, whose odds of treatment utilization as compared to White youth were very small and 

nearly identical. 

Stigma and religious beliefs play a significant role in the endorsement and subsequently 

treatment for mental illness for all race/ethnicities, but it is more impactful in non-White groups.  

The stigma of mental illness is most significant in Asian and Pacific Islander cultures. Although 

the sample sizes were small in this study, these two groups had the lowest prevalence rates, along 

with Native American and Alaskan Natives. These groups share similar beliefs around the 

importance of balance and harmony; thus, magnifying the fear of stigma if they admitted feelings 

of depression to anyone (McLaughlin & Braun, 1998; Novins et al., 2004). For Asian youth, 

there is the additional fear of bringing shame upon the family. Given this considerable fear, it 

70 



 
	

  

  

 

 

   

   

  

   

    

 

  

 

makes sense that Asian youth were the least likely to receive mental health treatment. Receiving 

mental health treatment would have substantial negative ramifications. 

The only race/ethnicity group that was more likely than White youth to receive mental 

health treatment was youth who reported being more than one race.  This could be due to the fact 

that one of the youth’s races was White, or it could have been due to the small size of the sample, 

increasing volatility in outcomes, or they could have more significant mental health needs 

increasing their use of mental health services (Fisher et al., 2014). 

It important that future studies explore the nuances of racial/ethnic differences on the 

receipt of mental health treatment. This study used White as the reference group and did not 

look to see if differences existed between the other groups. It also did not explore if specific 

variables contributed to the receipt of mental health treatment by racial/ethnic group. It would be 

important to learn more about where or from whom they receive support.  Even if they do not 

endorse depression, where youth find support by race/ethnicity could be very telling where they 

would be most likely to have their needs met, if they did have a mental illness and feared sharing 

it. It would also be interesting to obtain race/ethnicity data from mental health facilities, as this 

could validate the accuracy of this self-reported information. 

The variable ‘religion’ created for this study, served as a proxy measure of culture. 

Youth who reported that religion played a significant role in their lives, reported higher rates of 

MDE (4.88%) than youth who did not. However, of the religious youth reporting MDE, only 

10.82% reported the receipt of treatment, 3.96% less than youth who were non-religious. This 

finding held true in the logistic regression model, with non-religious youth reporting 24.3% 

higher odds of receiving treatment, than religious youth. Youth who are more religious, may be 

more likely to receive their support from clergy rather than specialists (Carpenter-Song et al., 
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2010) or youth may find support for their mental health needs through other components of 

religion. 

Key Enabling Characteristic Findings 

The next set of characteristics in the BMSU model is enabling characteristics, examining 

potential access (Anderson, 1995). Believed to enable or inhibit access to mental health 

treatment are SES, geography, and insurance. The results of the bivariate analyses showed no 

association between SES and geography on the receipt of treatment. However, due to theoretical 

and clinical reasons, geography was placed in the logistic regression model, and in combination 

with the other variables was statistically significant. Although SES was removed from the 

logistic regression model, prevalence of youth reporting an MDE was 7.18% in the highest SES 

group, compared to 4.23% and 4.65% in the other two SES groupings. All SES findings were 

inconsistent with previous conclusions that youth living in poverty have higher rates of mental 

illness, including depression (Perou et al., 2013) and are less likely to receive services 

(Gembowski et al., 2008). There are a couple reasons this could be possible, the first being 

depression was the only mental health diagnosis included. Other mental health diagnoses may 

have higher associations with living in poverty, such as ADHD, behavioral or conduct problems, 

or anxiety (Perou et al., 2013). This could also be a result of the initiation of the Affordable Care 

Act (ACA) in 2014 increasing access to mental health treatment for youth living in poverty. 

Widely considered the most significant barrier on an individual’s ability to obtain mental 

health treatment, is insurance.  Although there was no significance found in the association of 

MDE and insurance, there was a relationship between those who received mental health 

treatment, regardless of whether or not they had an identified mental health need. The 

prevalence of MDE was highest in youth with private insurance, 6.73%, followed by 
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Medicaid/CHIP at 4.23%. Yet, when put into the logistic regression model, those with private 

insurance were just as likely to receive treatment as those without insurance, while those with a 

government funded insurance were significantly more likely to receive treatment. Therefore, 

youth with government-funded insurance have more potential access to treatment than those 

without insurance or with private insurance (Anderson, 1995). Goodheart (2011) addressed the 

negative impact that managed care has had on the ability to receive treatment.  Faced with high 

deductibles or co-pays, middle-income families are least likely to be able to afford treatment for 

their children (DeRigne, 2010). Youth with government-funded insurances are more likely to 

bring their child for treatment because there is generally no cost-share to low income families 

and there are no loopholes to avoid mental health parity, as there is with private insurance plans 

offered by unions or employers (DeRigne, 2010; Rowan et al., 2013).  To learn more about the 

role that insurance has played and continues to play on the receipt of mental health treatment, it 

would be a valuable future study to examine the trends across a ten year period, and noting if 

mental health parity laws or the ACA change the receipt of mental health treatment by insurance 

status. 

While the role that geographic location of the individual as compared to treatment 

facilities, plays in ability to access treatment is anecdotally known, there is limited reporting in 

the literature to provide complete understanding.  This study is no different. With the three-level 

county variable as the only one available in the public use data file, provided little additional 

understanding. The odds of receiving mental health treatment were significantly higher for youth 

living in urban areas versus rural areas. Even though the finding was significant, the difference 

was small. Having the availability of more geographic location information such as state or zip 

code could clarify disparities that may exist at these more granular level that are washed out at 
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the larger level. In addition, adding in facility level geographic information, in tandem with the 

individual level data, has the potential to shed light on reasons for differential access to mental 

health treatment. It would also be interesting to see geographic trending by mental health 

diagnoses. The importance of geographic location will be discussed further in the final chapter, 

as an area in great need of further research. 

Key Need Characteristic Findings 

MDE, serving as the proxy variable, indicating a diagnosed ‘need’ for treatment, was the 

final factor explored in this study. It was the hope to examine all mental health diagnoses in this 

model, however depression was the only one youth were questioned about in this survey. The 

weighted prevalence rate of MDE, 12.66%, is higher than the 11% that has been highlighted in 

the literature (“Children and Adolescent Mental Health,” n.d.). Of youth reporting an MDE, 

35.13%, reported receiving mental health treatment, consistent with previous findings reporting 

that fewer than half of youth in need of mental health treatment receive it (Goodheart, 2011; 

Coyle et al., 2011). In the final logistic regression model, youth with a MDE were 4.67 times 

more likely to receive mental health treatment, than youth without treatment. However, in the 

weighted prevalence analysis of individuals with a MDE, it showed that of these youth the 

majority did not receive treatment by a difference of 0.52%.  

Limitations 

As with any research study there are limitations, this one is no different. Given that the 

limitations within the NSDUH survey were discussed in the methodology chapter, this section 

will focus on the limitations of the current study. For this study, if a variable had missing values, 

the participant’s information was not included in the analysis.  Although the majority of the 

variables included full response rates, there were 375 responses missing for the MDE questions. 
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There could have been differences in the youth who chose not to respond to the MDE questions, 

which if they were included could have modified the model findings. 

Modifications made to the variables could have had unintended consequences, including 

the choice to make the outcome variable dichotomous.  If the six different types of treatment 

were examined separately as the dependent variable, different service utilization patterns may 

have been found, influencing the significance of the different variables. However, the reason that 

this variable was dichotomized was because the outcome of interest was whether an individual 

received treatment, not the type of treatment they received. This would be an important are for 

future research. Additionally, the assumptions made when combining the two religion questions 

to create the religion variable could have been incorrect, as they may not accurately measure the 

true role that religion plays in their lives. 

The most significant limitation, is the lack of a national dataset to model all of the 

components in Anderson’s BMSU. In this study, only individual characteristics could be 

examined on the health behavior of mental health service use. With this survey there was no 

way to determine the contextual characteristics, incorporating community, organizational, or 

provider factors the play a role in the decision to seek mental health treatment (Anderson et al., 

2007). Although the utilization of mental health treatment was used as a measure of a person’s 

health behavior, other important components are missing, such as the quality of the care they are 

receiving and whether or not youth or their parents have made the changes necessary to improve 

mental health. Also lacking is an outcome measure assessing the treatment received, whether it 

is perceived mental health or customer satisfaction.  

Currently, no national survey exists that asks about mental health diagnoses, treatment 

utilization, treatment outcomes, satisfaction, stigma, or reasons treatment was not sought, for 
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youth birth to 18 years of age.  However, in the mental health modules of the NSDUH for adults, 

far more questions are asked, which could have assisted in understanding youth perspectives, if 

they were asked or if there parents were asked to provide input on their child.  In the mental 

health utilization section for each level of service, adults were asked how the different services 

were paid for (i.e., insurance, free, other) and what the cost was to the individual.  Adults were 

also asked if they received the mental health treatment they needed in the past 12 months.  If 

they did not receive treatment, respondents were then asked a series of questions as to why they 

did not receive it, questions included pertained to: cost, concerns about their neighbor’s opinions, 

not enough insurance coverage or no insurance coverage, fearful of effects on their job, didn’t 

know where to receive treatment, didn’t think it was needed at the time, fear of being committed 

or put on meds, concerns about confidentiality, thought they could handle it without treatment, 

didn’t think treatment would help, didn’t want others to find out, no transportation or treatment 

too far, or other (CBCHQ, 2016b).  They were also asked to select from a list of approximately 

50 items the top reason they did not receive mental health treatment.  Although there were no 

questions about specific mental health diagnoses aside from depression for adults either, there 

was information gather to determine if an adult that any mental health, a severe mental health 

condition, or psychological distress. The addition of these variables, could have substantially 

improve the fit of the model. 

Implications 

This dissertation produced some important and interesting findings to build upon, which 

was one of the primary goals.  The limitations of the study and survey provide copious 

opportunities for future research and policy recommendations. In this concluding chapter, these 

implications will be discussed. 
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Research. Based on the very broad findings in this dissertation study, there are many 

components ripe for in-depth analysis and a myriad of studies that could be conducted as follow-

up, including a further comparison of service utilization and MDE by race/ethnicity, culture, and 

insurance status. However, I think that there are two areas most important to focus on, as next 

steps to better understand significantly increasing prevalence rates, and effective and efficient 

access. Therefore, the impact of geographic location with the inclusion of macro level data and 

factors associated with mental health prevalence, including receipt of treatment will be the focus. 

Geographic location not only has implications for access, but also has effects on 

prevalence rates. In a report produced by SAMHSA, utilizing restricted state level NSDUH data; 

it was found that rates of youth MDE varied significantly by state from 8.7% to 14.6% (Lipari, 

Hughes, & Williams, 2016). Other studies have found that there is also variability by geographic 

location in ability to access treatment, especially for youth.   Due to federal budget reductions, 

there have been far fewer public mental health agencies in communities, with private for-profit 

mental health facilities being the most likely to serve youth (Cummings, Case, Ji, & Marcus, 

2016). There was far greater accessibility to adult hospital based mental health facilities, with 

one-fourth of US counties having one verses only 12 percent of counties having one that would 

serve youth (Cummings et al., 2016). Youth mental health facilities were mainly in suburban or 

urban setting, with rural locations, with high uninsured rates, and less White population being the 

least likely to have services (Cummings et al., 20016). This is validated by 2015 SAMHSA map 

of youth mental health treatment facilities in the US (see Appendix F, Figure F.1). As the map 

shows, there is great variability in the number of facilities a state has and where they are located 

in each state. 
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Further study combining the sociodemographic variables in this study, in addition to 

facility (mezzo) level data, in a logistic regression model, may help to account for more of the 

variance, and would help to provide more complete BMSU model. However, it would also be 

important to use geomapping. Utilizing a Geographic Information System (GIS), such as the 

ArcGIS statistical software program, would allow for the spatial identification of treatment 

locations across the US and attributable data (i.e., demographic information). Geospatial data 

could be used to determine 1) the location of mental health treatment facilities in relation to 

identified mental health need, level of service utilized, type of provider/service utilized, SES, and 

race/ethnicity; 2) where the most and/or least number of facilities exist; 3) the density of the 

features, listed under number one, in a given space; 4) and how it may have changed over time 

(and in what way). 

A final recommendation for future research is to further elucidate the prevalence of 

mental illness and the benefit of treatment over time. If this dataset were to be used, MDE would 

be the mental health need variable at each year, across multiple years.  This could help with 

addressing the adequacy of care received by youth. Although youth may be receiving care, it 

does not mean that it is good care or that it is helping to improve their mental health.  It has been 

argued, especially for individuals with no insurance or publically funded insurance that while 

they might be able to obtain treatment, it is often of lower quality (Kazdin 2011). By looking at 

the mental health need and receipt of treatment across time, against these sociodemographic 

variables, it could assist with answering these questions. As modeled in Diagram 1, a path 

analysis could be conducted to look at multiple direct and indirect interactions. This analysis 

would provide the following information within the one model: 

• Direct effects of the covariates on treatment across the four years independently 
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• Direct effects of covariates on identified mental health need 

• Indirect effects of covariates on treatment at time two (2013) with treatment at time one 

(2012) as a mediator 

• Indirect effects of covariates on treatment at time three (2014) with treatment at time one 

(2012) and at time two (2013) as mediators 

• Indirect effects of covariates on treatment at time four (2015) with treatment at time one 

(2012), two (2013), and three (2014) as mediators 

•  Indirect effects of covariates on treatment at time one with mental health need as a 

potential moderator 

• Indirect effects of the covariates on treatment at time two, with mental health need as a 

potential moderator. 

Diagram 1: Path Analysis of Mental Health Diagnosis and Receipt of Treatment Over Time 

2012 2013 2014 2015 

2012 

Mental Health Mental Health Mental Health Mental Health 
Diagnosis Diagnosis Diagnosis Diagnosis Individual Level Factors: 

Age 
Gender 

Race/Ethnicity 
SES 

Insurance Status 
Geographic Location 

Level of	 Service 
Mental Health Mental Health Mental Health Mental Health 
Treatment Treatment Treatment Treatment 

Policy. This study highlights some changes that need to be made at a policy level, most 

notably, insurance. With the passage of the ACA and the work that Centers for Medicare and 

Medicaid (CMS) does, there have been some improvement in the ability of youth to receive 

mental health treatment, as shown by increased utilization rates pre and post ACA (Creedon & 

LeCook, 2016). Also, as evidenced in this study, youth with government-funded insurance were 
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far more likely to receive treatment than youth with privately funded insurance. This is largely 

because with Medicaid/CHIP, there is no copay and an unlimited number of visits.  Privately 

insured families face high deductibles or copays, creating a substantial barrier, especially for 

those who are lower middle class. The federal government needs to consider mandates, reducing 

the burden, especially since the frequency needed for effective mental health treatment is much 

higher than for medical visits. Otherwise, we need to begin to explore alternative treatment 

models that provide more universal access, free of cost, in locations such as schools or 

community centers. 

As cited throughout this paper, one of the most significant limitations of this study is that 

only mental health diagnosis questions in the survey pertained to depression. Many of the other 

diagnoses are of equal importance and are needed to understand the true burden of youth mental 

health on the US and to determine if there are different issues associated with access to mental 

health treatment by diagnosis. As shown on the demographics table (Table 2) in the Results 

section, approximately 62% of youth reporting utilization of mental health services did not have 

a MDE. Therefore, one can assume that if there were this many youth who had received 

treatment for something other than depression, then there must be an even greater proportion of 

the youth population with other mental health diagnoses that are not receiving treatment. The 

addition of these other diagnoses also has the potential to elucidate other disparities that may 

have gone unnoticed with the sole focus on depression. There would also be a high likelihood 

that the model would be altered and potentially improved from what it was in this study. It 

would have most certainly increased the effect of mental health need. 

Thus, we need to develop a national survey that fully explores mental health, just as it 

does for substance abuse. In addition, it is imperative that these surveys begin at much younger 
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ages.  The NSDUH survey, had hundreds of questions regarding the use of substances, types of 

substances, treatments of substances, as compared to the handful of questions asking about and 

exploring mental health. When considering national datasets to use for this study, there were not 

many from which to choose. Many of the national surveys on mental health were for adults ages 

18 and older, including the Healthy Minds Study (HMS) examining mental health issues and 

service utilization in college students; the Behavioral Risk Factor Surveillance System (BRFSS) 

collecting information on prevalence and risks associated in adults 18 and older; and the Mental 

Health Surveillance Study (MHSS) utilizing data from the NSDUH, determining the impact of 

Severe Mental Illness (SMI) in adults. There were other surveys that looked at some 

components addressed in the NSDUH but were either outdated, such as the National Survey of 

Children’s Health (2011-2012), the National Comorbidity Survey – Adolescents (1990-1992), 

and The National Longitudinal Study of Adolescent Health (2007-2008). The final two that 

were considered were the Youth Risk Behavioral Surveillance System (YRBSS), that had very 

few questions on mental health and the Treatment for Adolescents with Depression Study 

(TADS) which looked at outcomes of treatment for youth with depression, but was a small 

sample, comparatively. In comparison to the dearth of mental health surveys, there are copious 

national surveys available examining every aspect of alcohol and other substance use.  Given the 

substantial ramifications of mental health on all aspects of life, and that many diagnoses begin in 

youth, we really need to expand our behavioral health priorities. 

Conclusion 
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There is no denying the increased need for mental health services. However, there is no 

study that establishes a baseline of the contributing factors to mental health service utilization 

and treatment outcomes. The purpose of this dissertation was is to begin examining all the 

potential factors influencing treatment utilization in youth, and illuminating the significant gaps 

that currently exist in our ability to recognize and subsequently improve the mental health of the 

youth in our population. This step was necessary to create a solid foundation upon which to 

build further research. This was not only the first time the NSDUH dataset was used to examine 

factors associated with mental health treatment access in youth, but it was also the first to begin 

analyzing these factors on a national level. Given the WHO’s prediction of a 50 percent increase 

in childhood mental health disorders by 2020 (Gonzalez, 2005), and evidence of that in literature 

utilizing NSDUH survey data, it is essential that we find useful ways of identifying and 

increasing access to quality treatment for youth, to efficiently and effectively improve the overall 

wellbeing of all US citizens. We all stand to gain. 
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Appendix B 

Table B.1. Recoded Variable Key of All Variables used in the Analyses  

Variable Name Code 

MALE 0 = Female 

1= Male 

MHTX 0 = No Treatment 

1 = Treatment 

RACE1 1 = Non-Hispanic Black/African American 

2 = Non-Hispanic Native American/ AK Native 

3 = Non-Hispanic Native HI/Other Pacific Islander 

4 = Non-Hispanic Asian 

5 = Non-Hispanic more than one race 

6 = Hispanic 

7 = Non-Hispanic White 

RACE 1 = Non-Hispanic Black/African American 

2 = Non-Hispanic Native Am./AK Native/Native 

HI/Other Pacific Islander 

3 = Non-Hispanic Asian 

4 = Non-Hispanic more than one race 

5= Hispanic 

6 = Non-Hispanic White 

INSURA 1 = Medicare 
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2 = Medicaid/CHIP 

3 = Tricare, Champus, ChampVA, VA, Miliatry 

4= Private Insurance 

5 = Private offered through employer or union 

6 = No Insurance (created if ‘0’ to all of above) 

INSURA2 1 = Government Funded Insurance 

2= Privately Funded Insurance 

3= No Insurance 

COUTYP2 1= Large Metro 

2 = Small Metro 

3= Non- Metro 

RURAL 0 = No (Commination of Large and Small Metro) 

1 =Yes 

POVERTY 1 = More than 2x Poverty Threshold 

2 = Up to 2x Poverty Threshold 

3 = Poverty 

RELIGION 0 = Religion does not play an important part of life 

1 = Religion plays an important part of life 

DEPRESS (Past yr MDE) 0 = No 

1 = Yes 
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l. 

Answers to Your Important Questions about the National Survey on Drug Use and Health 

Why Should I Participate? 

You a,e lrnpo,1 tan ti Your hovsehokt was one 
or 01,ly a few In this area selected for this 
stucly,and no other household or pe.-son c.-.n 
take your f11ace. 

Every pcnon who Is chosen and co~etcs 
the fu ll Interview wtll receive S301n cash at 
the end or the lntel'view In appredatlon for 
their help. 

If chosen (or an lnte(Vlew, you will represent 
the residents of your cornrnunity and help us 
gather important information that is needed 
to make sound policy de<lsk>ns. 

Your participation also p,ovides vital 
Information to researchers and local. state 
and federal agencies to design education, 
treatment and J)fevention programs and 
receive funding to s.upport these efforts. 

What if I Do Not Smoke, Drink 
or Use Drugs? 

In order to know the percentage of people 
who smoke, drink or use drugs, we al.so 
need to know how many peop'4! do not 

The ,esponses or~ v.no do not u,. 
these substances are just as Important as the 
responses ol people wt,o do. 

Whll• some que,tions ·"' •boot drug 
knowledge and expe,len<e, othef que,tlom 
ask about a number ol h"'1lth-rela1ed topics 
,elevant ro, all~. You do not need 10 
know any'thing about drv9S to ans~r the 
qvestions. 

How Was I Chosen? 

Household addresses. not speciftc people, 
are ra1\domly sele<.ted through sdenbtk 
method• Once• household has been 
setected, It cannot be r@pac:ed for any 
reason. This assu,es that NSOUH a,ccutat~y 
represents the many dtff<rent tyl)<$ ol people 
in the United States. 

A ptofessional RTI interviewer will viSlt your 
household to ask ......,..1 general questions 
that onty take a ff!W minutes to answ«. 
Aherwards,one or possibly two members of 
your hou,ehold may be asked to complete 
the full interview. ltis possible that no one 
In your household will bechos<!n ro, the 
interview. 

Your household has been chosen at random, but no one 
else can take your place. Your participation matters! 

What Will Happen During the 
Interview? 

An in~will conduct the interview 
with 8th selected person using a laptop 
~te,. No prior COf1"()Ut« s.lc1lls are 
nec.euary. 

P.lirbdpants y.,1 answetmost ol the 
intet'View questions in private, entering their 
responses <kec1'y into the COf111)<fte<. For 
othet-QUeilJ(lnS. lheint~Wlllread the 
(JJeStJOn.Saloud and enter lhe partiOpanrs 
,esponses into the C~l«. 

The intervsew takes about one hour to 
c0f'r4)lete. P«sons v.no ~•t• the full 
intffi'iew will receive S 30 at the end of the 
W'ltemew as a token of our app,eciabOn. 

All lnfo,mat1011collectedforthls studywlll be 
kept co11fiden1lal and used only for stat111lcol 
purposes, as rcquhed by fOOl't'al law - tho 
Co<iflck'nti.ll lnf0tmatl0fl Ptotectlon and 
Stallslical Erflole,,cy ~ of 2002 (CIPSEA). 

What Is the Substance Abuse 
and Mental Health Services 
Administration? 

SAMHSA Is ain agency in the U.S. i)epaf'tment 
of Heald> and Human ~Ices (llHHS). 
SAMHSAwascreatecl to improve d1e lives 
o( people with or at risk for mental and 
substance use disorders. 

N.SDUH is used to help this mission by 
gathe,1ng data on substance use, probler'ns 
related to substance use, and mental health 
problems in the United States, The numbers 
o( people who use various substances, or 
have problems related to substance use or 
mental health, are imponant for planning 
treatmentand prevention services, 

SAMHSA selects a qualified survey research 
organization to administer NSOUH. 

RTI lntemational,a nonprofit research 
organization, is under contract with SAMHSA 
to conduct NSOUH. 
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Appendix D 

Figure D.1. ROC Curve for Weighted Predisposing Characteristics Model 

Figure D.2. ROC Curve for Weighted Predisposing and Enabling Characteristics Model 
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Appendix E 

Table E.1. Table of Parameter Estimates for the Final Model with VIF  

Variable DF Parameter Standard t Value Pr > |t| Tolerance Variance 
Estimate Error Inflation 

Intercept 1 0.11151 0.02692 4.14 <.0001 . 0 

AGEACT 1 0.00097034 0.00168 0.58 0.5637 0.97637 1.02420 

MALE 1 -0.02259 0.00571 -3.95 <.0001 0.95647 1.04551 

RACE 1 0.00310 0.00139 2.23 0.0258 0.94564 1.05749 

RELIGION 1 -0.02994 0.00574 -5.22 <.0001 0.97253 1.02825 

INSURA1 1 -0.00480 0.00193 -2.49 0.0128 0.95937 1.04235 

RURAL 1 0.00429 0.00796 0.54 0.5901 0.98655 1.01363 

DEPRESS 1 0.24503 0.00866 28.29 <.0001 0.94043 1.06335 

Table E.2. Collinearity Diagnostics of the Final Logistic Regression Model 

Proportion of Variation 

Eigen- Cond Depres 
# Intercept Age Gender Race Religion Insurance Rural 

value Index s 

1 5.297 1.000 0.00037 0.00044 0.00968 0.00354 0.00937 0.00370 0.00624 0.00449 

2 0.920 2.400 7.466E-7 2.058E-7 0.04729 0.00001 0.00478 0.00001 0.00997 0.79014 

3 0.826 2.532 0.00008 0.00009 0.01318 0.00031 0.00173 0.00155 0.96353 0.00256 

4 0.448 3.440 0.00003 0.00001 0.51015 0.00005 0.43827 0.00015 0.00535 0.04433 

5 0.337 3.963 0.00108 0.00150 0.38897 0.03817 0.44555 0.03502 0.00161 0.14162 

6 0.096 7.421 0.00015 0.000021 0.00006 0.53615 0.00303 0.64210 0.01325 0.00228 

7 0.070 8.731 0.03506 0.06001 0.02818 0.39105 0.06492 0.31353 0.00005 0.01120 

0.006 29.384 0.96324 0.93792 0.00247 0.03070 0.03236 0.00393 0.00001 0.00338 
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Figure E.1. Residual by Regressors for the Final Logistic Regression Model 
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Appendix F 

Figure F.1. Location of Mental Health Treatment Centers in 2015, Created using 

SAMHSAs Treatment Locator Website 
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